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Abstract

Al hiring interviews, asynchronous video recording platforms that
use Al to assess candidate suitability, are increasingly used by
employers to streamline hiring processes. These platforms often
promise to standardize assessments and mitigate subjective biases
in hiring decisions. Yet, little is known about how these technolo-
gies are perceived and experienced by people with disabilities, a
group historically underrepresented in the workforce and particu-
larly vulnerable to injustices perpetuated by technology. To address
this gap, we conducted focus groups and semi-structured inter-
views with 19 people with disabilities. We found that people with
disabilities perceive and experience discrimination by Al hiring
interviews that: 1) center normative characteristics, 2) exacerbate
information asymmetries, 3) undermine autonomy, and 4) intrude
on privacy. We use the analytical frame of surveillance to interro-
gate the role of Al in reconfiguring social relations between job
seekers and employers. We discuss implications of our work for
design and policy.
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1 Introduction

People with disabilities (PwD) make up the largest minority group
globally [13], encompassing a wide range of physical, sensory, cog-
nitive, developmental, and mental health impairments. Historically,
PwD have faced systemic marginalization and discrimination, es-
pecially in the area of employment [148], which restricts their full
participation in society. In the workplace, PwD encounter restricted
job opportunities due to many physical, social, and attitudinal barri-
ers. For instance, many workplaces lack essential accommodations,
such as wheelchair accessibility or assistive technologies, making it
difficult for some groups of PwD to work effectively [103, 108]. So-
cietal attitudes further compound these employment barriers. PwD
are frequently viewed as less productive or as costly hires because
of perceived accommodation needs [21, 57], which can prevent hir-
ing despite qualifications and capabilities. PwD are also too often
seen as dependent or in need of constant assistance [21, 57, 91],
reinforcing discriminatory stereotypes that hinder acceptance in
workplace environments. These persistent barriers perpetuate a
cycle of marginalization that limits PwD’s economic independence
[82, 90] and reduces their representation in the workforce [111].
Indeed, the unemployment rate for PwD is disproportionately high
- nearly twice that of non-disabled individuals [111]. It is critical to
study and address workplace barriers to ensure that all individuals
have equal opportunities to participate in society.

Artificial Intelligence (AI) technologies, which refer to “systems
that display intelligent behavior by analyzing their environment
and taking actions — with some degree of autonomy — to achieve
specific goals” [3], have been heralded for their potential to rev-
olutionize society. Al promises to enhance efficiency and produc-
tivity by automating routine tasks, streamlining workflows and
processes, and enabling data-driven insights [41]. In the domain of
employment and hiring, Al technologies are becoming increasingly
prevalent. Al systems are now used throughout the hiring process,
including for job ad placements, resume screenings, and interview
assessments. It is estimated that 88% of companies use some form of
Al in the hiring process [39]. Of particular interest to this paper are
automated video interviews, technologies which we refer to as Al
hiring interviews. Al hiring interviews utilize Al to assess candidate
suitability based on factors such as facial expressions, voice, and
behavioral cues [54]. Proponents argue that such Al technologies
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allow organizations to enhance the efficiency of the hiring process
by quickly screening a large number of job seekers, reducing time
and resource costs (e.g., [26, 74]). These technologies are also stated
to make hiring processes more equitable by standardizing assess-
ments and eliminating subjective biases (e.g., those related to race
and gender) [74, 99].

Yet, the proliferation of Al systems has been accompanied by
significant concerns about Al perpetuating systemic biases. Al has
been shown to amplify existing structural inequalities and rein-
force discriminatory practices, producing unintended social conse-
quences [26]. For instance, facial recognition software, often used
in the domain of policing, has been shown to produce higher error
rates for Black individuals, leading to increased misidentifications
and arrests, widening pre-existing racial inequalities [20]. Similar
forms of discrimination have been uncovered within broader Al
hiring technologies. For instance, Al used for resume screening
has been found to exhibit biases that disadvantage Black, Hispanic,
and female candidates, favoring profiles that align with tradition-
ally dominant demographics [37]. Similarly, AT hiring interviews
have been shown to be biased against women and racial minorities,
as they misinterpret and penalize behaviors that do not conform
to stereotypical expectations of professionalism [5]. These biases
disproportionately harm individuals from marginalized groups by
limiting their chances of employment while also perpetuating a
cycle of inequality in the workforce, creating a systemic barrier
hidden behind the facade of “objective” technology.

In this paper, we extend and deepen emerging conversations
around the social impact of AI technologies by focusing on the
perceptions and experiences of people with disabilities with Al hir-
ing interviews. In HCI, studying both perceptions and experiences
provides complementary insights into how people interact with
technology. Perceptions, i.e., what users think or expect as they
learn about a technology, even before using it, help us understand
intent to use and potential adoption barriers (e.g., [97, 145]). Experi-
ences, i.e., what users actually encounter when interacting with the
technology, reveal usability challenges and needs that can guide
practical design improvements to make technologies more effective
(e.g., [109]). We ask the following research questions:

e RQ1: How do people with disabilities perceive and experi-
ence Al hiring interviews?

o RQ2: What are their perceived and experienced barriers with
AT hiring interviews?

e RQ3: What are the socio-technical implications for mitigat-
ing these barriers and supporting more equitable Al-based
hiring for people with disabilities?

To answer these research questions, we conducted a qualitative
study consisting of focus groups and semi-structured interviews
with a broad group of people with disabilities. We use literature
from surveillance studies in Human-Computer Interaction (HCI) as
an analytical frame to explain the disparate impacts of Al hiring in-
terviews on people with disabilities. Surveillance is an appropriate
frame for multiple reasons. Firstly, it allows us to build on a rich
body of work in HCI that has established the intimate connections
between surveillance, technology, and the workplace, demonstrat-
ing how technologies function as mechanisms of control within
organizational settings. Secondly, surveillance is rooted in concerns
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about power; hence, it enables us to foreground how the technical
affordances of Al hiring interviews interact with social and orga-
nizational logics to shape power relations, in our case, between
employers and job seekers with disabilities. Thirdly, surveillance
tools, historically, have been used to monitor and control people
with disabilities, reproducing prejudicial ideas about risk and wor-
thiness [106] - mechanisms that, as we demonstrate in our work,
persist in Al hiring interviews and help explain the marginaliza-
tion of disabled job seekers when they encounter these systems.
Finally, the surveillance framing helps us arrive at holistic consid-
erations for supporting equitable Al-based hiring (e.g., through
design and policy), given that prior work has shown surveillance
to be a complex phenomenon that requires a multi-dimensional
approach to mitigate its effects. We find that people with disabili-
ties perceive and experience discrimination by Al hiring interviews
that: 1) center normative characteristics, 2) exacerbate information
asymmetries, 3) undermine autonomy, and 4) intrude on people’s
sense of privacy. These findings make the following contributions
to the Human-Computer Interaction (HCI) literature:

(1) We report on rich empirical findings that detail people with
disabilities’ perceptions, experiences, and interactions with
Al systems (RQ1 and RQ2). Although prior work has exam-
ined how AI affects many marginalized communities, little
is known about how people with disabilities perceive and
experience these systems [143, 150]; a critical gap that this
paper addresses.

(2) We frame Al hiring interviews as a form of surveillance tech-
nology. In conjunction with our examination of the barriers
people with disabilities encounter in navigating Al hiring
interviews, this framing allows us to bring to light the role of
Al in reconfiguring social relations by shifting power dynam-
ics, and recognizes that those at the weaker end of power
relations are often best positioned to reveal the injustices
embedded within technologies [16] (RQ1 and RQ2).

(3) We draw from the data to propose design, policy, and com-
munity engagement considerations to inform the design of
equitable Al systems (RQ3).

Through these contributions, this research enriches HCI’s un-
derstanding of AI's impact on marginalized groups while also in-
forming the design of more equitable Al technologies that work in
the service of society.

2 Related Work
2.1 Disability, Fairness and Al

Research in Human-Computer Interaction (HCI) and accessibility
highlights both the promise and perils of Al for people with dis-
abilities. Al has been shown to improve the status quo of people
with disabilities by easing burdensome tasks in low-stakes contexts
[48], providing social support ([76]), allowing them to circumvent
normative expectations [46], and enabling self-care and advocacy
[11]. Novel AI capabilities have also been leveraged to build new
accessible tools that allow people with disabilities to accomplish
previously impossible tasks or perform existing tasks more effi-
ciently (e.g., [113, 144, 154]). This thread, in particular, extends a
long tradition of research in HCI and Accessibility that explores
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how technology can enhance the quality of life for people with
disabilities and enable their equitable participation in everyday life.

Despite these promises, emerging research has begun to show
how AI perpetuates ableism and reinforces harms against disabled
people, raising broader questions about the fairness of AI [58, 98]. AL
has been shown to erase disabled identities [43] (e.g., where people
with disabilities are absent in training data), privilege normative
expectations [48], and encode stereotypes that reflect dominant
societal values [43, 84, 112]. Large Language Models (LLMs) have
been found to perpetuate toxic and ableist language (e.g., [114, 146]).
The heterogeneity of disability means that these harms are not
experienced uniformly but vary across contexts and identities [61].
To address these key concerns, many solutions have been proposed.
Technical strategies have emphasized incorporating diverse values,
building representative training datasets [70, 80], and ensuring
that training data portrays people with disabilities positively to
mitigate Al bias. Additionally, the meaningful inclusion of people
with disabilities throughout the AI development lifecycle [147],
along with community oversight [84], can address concerns that
technical fixes alone cannot resolve.

Research has begun to examine disability and fairness issues with
the use of Alin hiring (e.g., [47]), including with AT hiring interview
platforms [25, 117], uncovering how these platforms are likely to
disadvantage people with disabilities. We build on this work by
contributing rich, in-depth empirical evidence from a diverse group
of people with disabilities, revealing a holistic set of barriers (RQ2)
as well as perceived and experienced harms arising from people’s
encounters with these platforms (RQ1 and RQ2).

2.2 Surveillance in HCI Research

Surveillance, broadly defined as the “close watching over” of a per-
son or group [19], has emerged as a significant area of interest
within Human-Computer Interaction (HCI) (e.g., [15, 45, 50, 52, 128,
128, 132]). In this work, surveillance is understood as an adversarial
practice [19], which foregrounds the power dynamics between the
‘surveillant’ and the ‘surveilled’. Building on this perspective, stud-
ies examine how digital technologies enable and shape surveillance
practices. Scholars agree that technologies intensify dynamics be-
tween the surveillant and surveilled [88], making surveillance more
“focused and routine” [138], “limitless” [6], “intimate and perpetual”
[4], and “expansive” [53]. Within this broader landscape, workplace
environments, where technological and organizational practices
converge to manage workers, have emerged as a key site for the
study of technology-mediated surveillance.

2.2.1 The Workplace as a Site of Surveillance. Surveillance prac-
tices in workplaces date back to at least the 1920s, when employ-
ers gauged worker productivity through personality assessments,
surveys, and lie detector tests [63]. The introduction of digital tech-
nology, often presented as a mechanism to benefit workers (e.g.,
by improving their work-life balance [4, 73, 131, 151]), in reality,
only expanded these practices, allowing employers to exert greater
control over workers. These technologies allow for the “continuous,
pervasive, and constant capture” [124] of diverse forms of work-
related data (e.g., workers’ emotional states [124]). They are also
notoriously opaque and render the employer’s oversight invisible
[4, 79, 120, 153]. Technology, thus, facilitates the creation of a truly
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panoptic workplace, where the disciplining gaze of management is
omnipresent [49, 88]. We next turn to the two key topics of inquiry
in HCI research on workplace surveillance: (1) the multifaceted ef-
fects of surveillance, and (2) approaches to mitigating these effects.

2.2.1.1 The Multifaceted Effects of Surveillance: HCI research has
extensively studied the effects of technology-mediated surveillance
in workplaces at both worker - and organizational-levels. At the
worker level, surveillance is often entangled with privacy issues
[129, 139], and many studies have used privacy as a lens to exam-
ine the nature of harms perpetuated by surveillance technologies
(e.g., [124]). Technology-mediated monitoring has been shown to
produce emotional harms and erode workers’ sense of personhood
and autonomy [4]. Surveillance also shapes worker-employer re-
lationships in damaging ways. Surveillance technologies in the
workplace create information asymmetries [30, 120] by allowing
employers to gather extensive information about workers. Such
practices exacerbate power imbalances while also making workers
more vulnerable to exploitation [30, 121]. Such harms underscore
how surveillance technologies reinforce hierarchical social control
[53]. At the organizational level, surveillance has been shown to
negatively affect work culture, creativity, and productivity [12],
while also undermining worker trust in employers [56]. Surveil-
lance has also been shown to magnify existing social inequalities
[12]. The effects of this surveillance, however, are not homogeneous,
i.e., not experienced equally [152, 155]. Research has begun to un-
cover how marginalized groups are disproportionately affected by
surveillance in the workplace (e.g., gender minorities [10]), result-
ing in discrimination and exploitation. Yet, despite this emergent
work, fewer studies (e.g., [129]) have studied the effects of surveil-
lance on people with disabilities, a disadvantaged community, who
have historically been marginalized in all avenues of everyday life,
such as employment - this is a critical gap we address in this paper.

2.2.1.2 Approaches to Mitigate Effects of Surveillance: In response
to the negative effects of surveillance, HCI scholarship has un-
covered how design and policy can provide pathways to mitigate
surveillance-induced harms. HCI work on design has called for fa-
cilitating “sousveillance” [87], i.e., empowering workers with novel
technologies to make their work more visible and monitor employ-
ers [35, 126]) and fostering practices of resistance to counteract
the negative effects of surveillance [139]. Participatory processes
and frameworks such as adversarial design [33] are viewed as key
mechanisms to empower the surveilled by surfacing issues concern-
ing power imbalances. Critical and reflexive approaches [36, 49]
have been highlighted as a means to question normative assump-
tions embedded in surveillance technologies [36], identify harms
preemptively [49], and ultimately, cultivate more inclusive tech-
nologies. Alongside design, HCI work has emphasized the impor-
tance of centering ethics and values to reshape power dynamics.
For instance, justice-oriented frameworks which prioritize the au-
tonomy and agency of workers [101] are seen as tangible ways
to address key surveillance-related concerns (e.g., invasion of pri-
vacy) [62]. However, there is agreement that design is insufficient
and that there is a need for policy regulations and community
intervention approaches to build accountability into surveillance
technologies. In line with this sentiment, policy recommendations
such as enhancing the rights of workers [124], building the power
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of worker collectives [23, 24], and restricting data collection and
use [49, 124] have been proposed as ways to restrict the reach of
the employer. Community-based strategies, including public aware-
ness campaigns [7] and grassroots organizing efforts [138], are
also crucial for pushing back against the increased proliferation
of surveillance technologies. Ultimately, surveillance is a socio-
technical and political phenomenon, addressing which necessitates
organizations, policymakers, and civil society to work together.

In this study, we focus on Al hiring interviews, which surveil job
seekers to make decisions about their suitability for a job. The stakes
in this pre-employment setting are tangible: surveillance via Al
hiring interviews directly affects who gets the opportunity to enter
a job and under what conditions, making it an important context to
examine the real-world impact of Al systems. We use insights from
this section on workplace surveillance to: 1) highlight the effects
of AT hiring interviews on people with disabilities, a marginalized
group who experience innumerable barriers to finding employment
(RQ1 and RQ2); a focus which will provide a lens of magnification
to understand the role of Al in (re)configuring power relations and
2) consider ways to mitigate the disparate impacts of Al hiring
interviews (RQ3).

3 Methods

We conducted a qualitative study with people with disabilities
to understand their perceptions and experiences with Al hiring
interviews. This study was approved by our institution’s IRB.

3.1 Participant Recruitment

Participants were recruited through online communities (e.g., Red-
dit), disability advocacy groups, personal contacts, and snowballing
[102] - a technique used to reach out to hard-to-access marginalized
groups like people with disabilities. In contrast to many studies in
accessibility research that focus on one specific group of people
with disabilities (e.g., people with visual impairments), our study
design intentionally included participants with diverse disabilities
in order to get a holistic and comprehensive understanding of the
barriers people encounter with Al hiring interviews. To assess the
eligibility of potential participants, we distributed a screener survey
that collected information on demographics (e.g., race, gender, geo-
graphic location) and job-seeking experiences. Eligible participants
needed to be: 1) 18 years or older, 2) U.S. residents, and 3) have
participated in the job-seeking process at least once in the last 3
years. The screener survey description communicated the study’s
purpose, and all responses were treated confidentially.

3.2 Data Collection

We used both focus groups (5 focus groups with 11 participants in
total) and semi-structured interviews (8 participants) to understand
people’s perceptions and experiences with Al hiring interviews.
The study was centered around focus groups to 1) encourage par-
ticipants to share diverse perspectives and build on each other’s
insights and 2) create a space for the discussion of both shared chal-
lenges and unique experiences. However, with focus groups, we
encountered scheduling difficulties, and when we did, we conducted
semi-structured interviews with individual participants.
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The focus group and semi-structured interview protocol elicited
narratives [77] of people’s perceptions and experiences with Al
hiring interviews. The focus groups and interviews included open-
ended prompts (e.g., tell us about the last time you had an accessible
interview experience), scenario-based questions (e.g., Al like Hire-
Vue analyze facial expressions, vocal cues and behavioral data to
assess suitability. Tell us about your thoughts.), and conceptual
questions (e.g., what does fairness mean to you in the context of
hiring?). Overall, we covered several topics in the protocol, includ-
ing 1) recent experiences with hiring (e.g., with traditional and
Al interviews), 2) perceptions of fairness, accessibility, and bias
in the job-seeking process, including with Al assessments, and
3) challenges with disability disclosure during hiring processes.
Additionally, we had an “incremental reveal” section, where we
incrementally opened the AI hiring interview black box based on
findings from [104, 105]. The steps included showing them: 1) an
accessible version of the marketing video from the popular AT hir-
ing company HireVue, 2) how Al measurements work (e.g., facial
expressions, vocal cues), and 3) how candidate suitability scores
are drawn from Al measurements (e.g., excitement). We stopped
between each stage to probe participants’ thoughts and feelings.

Focus groups lasted between 75 and 90 minutes, and interviews
lasted between 45 and 60 minutes. Both were conducted online via
Zoom. Conversations were video and audio-recorded, for which
consent was sought before the start of the focus group and interview
sessions. We continued participant recruitment until we reached
data saturation [42]. Consistent with saturation reporting practices
in HCI (e.g., [32, 55, 116, 118, 122]), the first author, present in all
focus groups and interviews, determined that data saturation had
been reached based on “informational redundancy” [130] evidenced
by the repetition of participant responses and the observation that
no new empirical findings emerged from the data [100]. We stopped
data collection at a sample size of 19 participants. This sample size
is in line with qualitative research guidelines, which indicate that
saturation often occurs within 12-20 interviews [51] and with
the average sample size reported in published HCI studies [22].
We generated transcripts verbatim from the audio recordings for
analysis. Participants were compensated $50 for their time.

3.3 Data Analysis

To analyze our transcripts, we used thematic analysis [142]. The
first author, having participated in all focus groups/interviews and
thus being closest to the data [89], conducted an initial pass through
the transcripts and developed a set of 16 preliminary codes through
open coding [125]. These codes were refined through discussions
with the second and third authors. For example, the code on AI
enforcing normative standards was elaborated and clarified to cap-
ture not just how Al sets criteria for how an ideal candidate should
look and sound, but also how this enforcement generates subtle
pressures to conform to organizational expectations (e.g., requiring
masking one’s disability) in order to get hired. A detailed description
of the codes is provided in the supplementary materials. The codes
broadly aligned with four overarching themes: 1) Al centers norma-
tive characteristics, 2) Al exacerbates information asymmetries, 3)
Al undermines autonomy, and 4) Al intrudes on privacy. During the
coding process, the first and last authors met regularly to discuss
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ID Age Gender Race/Ethnicity Employment Disability Al Interview
Status Experience
P1 21 Non-binary White Employed Mobility or motor disability, | Yes
Chronic condition, Mental
health
P2 22 Non-binary | White Student Neurodivergent No
P3 23 Non-binary White Employed Neurodivergent, Mobility or | Yes
motor disability
P4 24 Non-binary White Unemployed Chronic condition, Mobility or | No
motor disability
P5 24 Woman White Unemployed Learning disability, Mobility or | Yes
motor disability
P6 25 Woman Black or African- | Employed Learning disability, Mobility or | Yes
American motor disability
P7 30 Woman White Employed Blind or low vision No
P8 30 Woman White Employed Mobility or motor disability, | Yes
Speech-related disability
P9 30 Woman Hispanic or Latino | Employed Neurodivergent, Mental health | Yes
P10 32 Woman White Employed Neurodivergent, Chronic con- | Yes
dition
P11 32 Woman White Employed Mobility or motor disability No
P12 36 Woman White Employed Blind or low vision No
P13 37 Man Asian Employed Mobility or motor disability No
P14 44 Woman White Employed Blind or low vision No
P15 54 Woman Black or African- | Employed Mobility or motor disability, | No
American Mental health
P16 46 Man White Employed Blind or low vision No
P17 24 Man Black or African- | Employed Mobility or motor disability Yes
American
P18 24 Man Black or African- | Unemployed Mobility or motor disability Yes
American
P19 27 Woman Black or African- | Employed Mobility or motor disability, | No
American Chronic condition

Table 1: Participant demographics.

insights emerging from the data. In discussions, the last author
highlighted how the themes resonated with concepts in workplace
surveillance in HCI (e.g., workplace surveillance and impact on
worker privacy [124, 129, 139], workplace surveillance and power
asymmetries [10, 30, 120]), which led us to adopt surveillance as an
analytical frame to situate and interpret our findings.

To analyze our transcripts, we used thematic analysis [142]. The
first author led coding efforts as they were closest to the data and
developed an initial set of 16 codes by open coding [125] the data.
We refined these codes during several meetings between the first
three authors. For example, the code ‘Al creates data privacy issues’
initially only captured participants’ concerns about how Al hiring
interviews collected, stored, and used their video data. Through
team discussions, we refined the code to also include participants’
proposed strategies for addressing these data privacy risks. We then
organized these codes around four themes: 1) Al centers normative
characteristics, 2) Al exacerbates information asymmetries, 3) Al
undermines autonomy, and 4) Al intrudes on privacy, which we
explicate in this paper. These themes aligned with dimensions of
technologically-mediated surveillance, which led us to situate our
work within the HCI surveillance discourse. We provide descrip-
tions of the final codes and themes in the supplementary materials.

3.4 Participant Demographics

We summarize key demographics in Table 1. A majority of par-
ticipants (n=15) were employed at the time of the study. Three
participants identified as unemployed, while one identified as a stu-
dent. Most participants (n=10) identified with multiple disabilities.
Nine participants had prior experience with AI hiring interviews.

4 Context: Al Hiring Interviews

In AT hiring interviews, candidates usually log into an online plat-
form to answer a fixed set of pre-recorded or text-based questions.
They have a short preparation window before each prompt and a
strict time limit for video recording their answers. The questions
primarily focus on personality traits and include situational and
hypothetical scenarios. Al hiring interviews work by using a com-
bination of data points, including facial and behavioral (e.g., eye
contact), audio (e.g., pitch), and text-based data (e.g., words) to as-
sess a candidate’s suitability. Al conflates these signals to qualities
such as levels of engagement and excitement based on previously
collected data of successful candidates (e.g., [104, 105]). Platforms
like HireVue also have automated disability detection features [60].
Although it is unclear how these platforms exactly detect disability,
they likely do so by flagging facial expressions or speech features



CHI *26, April 13-17, 2026, Barcelona, Spain

that fall outside statistical norms in their training data. By treating
statistical differences as anomalies, the platforms operationalize
disability without explicitly labeling it as such. The use of Al to
infer disability follows a long line of research that demonstrates
how user-generated data (e.g., mouse movements [8]) can be used
to detect disability-related characteristics [150].

5 Findings

Overall, participants in the study viewed Al hiring interviews very
negatively. Participants consistently described their perceptions of
Al hiring interviews as unsettling and alienating, often using words
such as “messed up,” “creepy,” “dehumanizing,” and “weird.” They
resented what felt like the hollow act of “talking to themselves” in
front of a screen. They worried that AI could not get to know them
as people. While a few participants acknowledged limited positives
of these interviews - such as the flexibility of completing the inter-
view at a convenient time and from a familiar and accommodating
environment - these advantages were outweighed by significant
drawbacks. Below, we describe how participants believed Al hiring
interviews might discriminate against them.

5.1 AI Centers Normative Characteristics

5.1.1  Algorithmic Construction of the “Ideal” Candidate. Al hiring
interviews particularly troubled respondents because of the way
Al systems seemed to codify normative and narrow ideas of what
a good candidate looked and sounded like. By normative, we refer
to traits that align with socio-culturally dominant or typical stan-
dards [31], which implicitly establishes the default notion of an
ideal candidate. Participants perceived standardized assessments
to be inherently disabling for people whose impairments affected
those behaviors. P3, upon being shown the AI marketing video,
immediately remarked,

The perfect candidate [for Al] is likely a non-disabled
person... It’s going to have a bias against disabled people.
My tone doesn’t always sound how I'm meaning it to.
I struggle with eye contact and looking at a camera...
Al would dock me points for those autistic traits. - P3
(Experienced with AT hiring interviews)

Like P3, others were also worried that the Al would unfairly pe-
nalize them for non-normative behaviors. In their view, Al systems
would fail to recognize the diversity of communicative styles and
reify standards that worked against people with disabilities. Faced
with these normative expectations, some participants described
how they would mask their disabilities during interviews. Masking
typically involved closely monitoring one’s gestures, modulating
tone, and rehearsing answers to mimic non-disabled norms. While
masking felt like a necessary strategy to get hired, it also required
substantial physical and emotional work. Others noted that learn-
ing and performing normative communicative patterns felt like
a forced assimilation that denied a central part of their disabled
identity. As P16 questioned: “Why should someone who is disabled
have to accommodate the norms of non-disabled?”

Standardized AI assessments were also perceived to have dif-
ferential effects across different groups of people with disabilities.
The use of facial expressions, behavioral data, and vocal cues to as-
sess suitability meant that individuals whose impairments directly

Kameswaran et al.

shaped how they registered on these criteria (e.g., someone with a
speech impairment would fare poorly on vocal cues assessments)
were likely to be viewed more negatively than those whose disabil-
ities did not (e.g, a wheelchair user with no communication-related
impairments). Others brought up how other intersectional aspects
of one’s identity, such as age, gender, and race, could challenge
standardized assessments. P8, when told about how Al generates
candidate suitability scores from measurements, mentioned,

Excitement or friendliness are very nebulous and terrible
to assess with AL.. Across cultures, everybody has a
different level of acceptability... I also have some friends
that have speech impediments, and so their speech is not
always clear. AI would have to be very good [to work for
them]. - P8 (Experienced with AT hiring interviews)

Many participants were also particularly skeptical of automated
disability detection features. Disability, they stressed, was a complex
phenomenon. Not only was disability a spectrum, but impairments,
too, were likely to manifest differently among people with the same
disability. Automated detection risked flattening this complexity,
and participants’ perceived doubts about the potential of these
features to capture the nuances of disabled experiences also left
them vulnerable to being “misjudged” (P13). Some noted that detec-
tion errors could also harm non-disabled candidates, who might be
mistakenly labeled as disabled. Moreover, participants felt that au-
tomated disability detection features foregrounded their disability -
an all too familiar feeling for people with visible disabilities in tra-
ditional (non-Al) interview settings, where, upon being identified
with a disability, it became the defining lens through which their
candidacy was evaluated. This experience was echoed by P13, a
person with a mobility disability, who had encountered this feeling
of their disability being foregrounded several times with traditional
(non-Al) interviews.

In the conversation, it’s about the job. I don’t want my
disability being the focus. If they’re focusing on, ‘What
is going on with your back?’ I say ‘You’re not hiring
me for my disability. You're hiring me for what I bring,
like my brain’. When I say that, the conversation starts
steering differently, or I leave. - P13

5.1.2  Algorithmic Misrecognition and Disability. Participants de-
scribed a mismatch between what Al systems seemed to capture
during interviews and what they believed to be relevant for as-
sessing their job suitability. Rather than evaluating skills through
qualifications and past experiences, these systems were perceived
as disproportionately focused on personality or behavioral traits.
Many likened the process to traditional personality tests, which
they regarded as both inaccurate representations of candidates’
qualities and have historically been shown to be ableist [92, 136].
Moreover, they noted that personable qualities did not always man-
ifest in normative ways. Yet Al appeared to privilege narrow and
rigid expressions of them. Al interviews were seen as one-size-fits-
all solutions that ignored the requirements of specific jobs; while
personable traits were valuable for some roles, they were not uni-
versally relevant. As one participant explained, the Al interviews
felt as though organizations were simply “looking for a warm body,”
(P14) rather than evaluating meaningful competencies. As P16, a
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blind participant, when asked about what constituted a fair hiring
procedure, articulated that the emphasis on skills also, to some
extent, helped combat stereotypes about disability in the interview.

The social and relational skills has no bearing on the
actual job. A fair hiring procedure? There’s no one-
size-fits-all all... Hiring practices that put job skills as
primary. [The focus on skills allows me to emphasize] I
would be able to do tasks as well or better than sighted
competitors... I have confidence in using the skills, and
I am as competent as anyone else. - P16

Alongside these frustrations, participants expressed uncertainty
about what Al could truly capture about their personality and
whether such assessments could ever be reliable. While this dis-
connect between what Al captures and assesses (personality and
behavioral traits) and what participants deemed relevant (job skills)
to performing a job effectively is problematic for all candidates, the
effects of this mismatch are exacerbated for people with disabili-
ties, whose impairments were seen to shape the ways they were
evaluated under the restrictive criteria enforced by AL

Participants also emphasized that Al interviews stripped away
any opportunity to provide context for their answers. Unlike in-
person interviews, where interviewers could situate responses
within a broader frame (e.g., consider how a candidate’s disability
might shape their answers), Al systems did not seem to offer any
such flexibility. Those who had experienced Al hiring interviews,
in particular, believed that the affordances of Al such as the short
response time, made it difficult for them to convey the nuance of
their experiences and provide explanations or additional context for
their responses, leaving them vulnerable to misinterpretation and
unfair assessment. In stripping this context, Al hiring interviews, in
our participants’ view, were unempathetic as they removed these
important human aspects of an interview. Al was seen to evaluate
their answers in isolation and demanded that people be at their
best at all times. P1, when asked about what qualities they would
want Al to measure in an ideal world, said,

[AI should] pick up on my facial expressions, but also
why it’s presenting that way? If I'm having a rough
day... or doing bad mentally or physically, it’ll be harder
for Al to pick up... There are days when it’s painful for
me to make eye contact.... I don’t see how Al can figure
out my reasoning compared to a person, who could ask
me. - P1 (Experienced with Al hiring interviews)

5.2 Al Exacerbates Information Asymmetries

5.2.1 Algorithmic Affordances and the Loss of Mutuality. Al hir-
ing interviews were characterized as one-directional assessments
where the employer retained all control over interpretation and
judgment over one’s candidacy. While this observation was voiced
most strongly by people who had prior experience with AI hiring
interviews, it was also echoed to a lesser extent by participants
without experience, like P11 below, who sought additional clarifi-
cations from the research team about the affordances of AT hiring
interviews and how they worked (e.g., if job seekers could ask the
Al questions). This characterization was in contrast to traditional
(non-Al) interviews, which were very much understood as a two-
way street where job seekers and employers made decisions about
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each other’s fit and suitability. As P11 said, I guess [I prefer the] phys-
ical interview, because then I could see a lot more about the company,
the position, the person, what it’s like to see, also, if it’s a good fit for
me. I could read certain cues and things that you can’t see virtually.

For many of our participants, traditional (non-Al) interviews
were a way to gauge workplace inclusivity, a key consideration
that determined whether people ultimately chose to pursue em-
ployment in an organization. In their experiences, conversations
with interviewers and in-person workplace visits provided insight
into the “vibes” of a workplace, i.e., the more intangible aspects of
workplace culture, including whether an organization had prior
experience with disabled employees, if they would be flexible and
adaptive to their disability-specific needs and open to providing
accommodations if they chose to work there. As P8, a person with
cerebral palsy, said,

[Itry to understand] The physical environment. Do they
have an elevator? Can I get into the bathroom?... The
culture around disability.. People’s [interviewers] at-
titudes and how accommodating the company is... If
they don’t mention your disability or are subtly accom-
modating. Because I walk with a limp, [interviewers]
would be like, ‘We can take the stairs or the elevator. ’
It shows you they’re willing to be accommodating. - P8
(Experienced with AT hiring interviews)

Despite the risks of being stereotyped and judged, a few even
strategically disclosed their disability during interviews to gauge
the reactions of the interviewer. Positive interviewer responses,
such as matter-of-factly treating their disability and engaging with
participants’ strengths rather than limitations, served as an indi-
cator of organizational openness to disability, i.e., whether people
could bring up their disability without the fear of being stigma-
tized or negative consequences (e.g., promotions). On the other
hand, signs of rigidity or discomfort with their disability, explicit
messages about workplace inflexibility and ableism, or uncomfort-
able questions about one’s disability served as “red flags,”, shaping
decisions about whether to pursue the role further.

I gauge reactions. How are they reacting to me describ-
ing my background? How are they reacting to my guide
dog, my disability..? I feel for the vibes, how accommo-
dating they seem, and how the workplace seems to be
run. I've interviewed with some [and felt] I don’t want
to work here. This seems chaotic. - P7

Finally, participants noted that interviews were important to
assess their worth and whether the organization/workplace would
recognize and value them as individuals. Again, being treated with
respect, viewed as capable, and engaged with thoughtfulness during
interviews helped signal that they would be valued beyond their
disability. For people with disabilities who were used to being
perceived as incapable and less competent than their non-disabled
colleagues, this sense of worth was just as important as the job
itself. In all, AT hiring interviews, by reducing the interview process
to a one-directional assessment, seemed to remove this mutuality
and the chance for participants to gather critical insights about
whether a workplace would be supportive and safe.
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5.2.2  Algorithmic Opaqueness and Rigidity. Participants with di-
rect experience with Al hiring interviews also observed how Al
changed how they engaged in interviews by shifting the focus from
demonstrating emergent and adaptive capabilities to simply de-
livering prepared responses. For them, a good interviewee could
respond flexibly in real time - reading the interviewer’s reactions,
interpreting subtle cues like tone or body language, and adjusting
answers accordingly. Good interviewing was also about establish-
ing a rapport and a relationship with the interviewer, as it was an
indication of a person’s personable qualities. AI hiring interviews,
though, left many participants feeling as though they were speak-
ing into a void. They noted that the Al systems were opaque and
would offer no insight into what counted as a good response; again,
something that cues from the interviewer helped establish, and was
critical to participants being able to put their best foot forward.
They were unsure of how they would be evaluated and whether
they would meet the unstated evaluation criteria to be a successful
job candidate. For P1, a participant with a cognitive disability, the
opportunity to ask for clarifications from the interviewer was a
critical accommodation.

[In Al interviews] I can’t see somebody else reacting to
what I'm saying. It doesn’t give me much of an idea
of how good I did... If it’s another person, I can ask for
clarification or just expand on certain things... When I
have really bad brain fog or lower comprehension, it’s
really important that I can get that clarification. - P1
(Experienced with AT hiring interviews)

Good interviewers brought the best out of participants. Indeed,
people in our study counted on interviewers to be flexible, under-
standing, and accommodating. Many participants recalled instances
of accommodating experiences in interviews (e.g., when interview-
ers asked them about any specific needs without participants bring-
ing up their disability, gave them additional resources and time to
answer), which enabled them to do well while making the interview
experience enjoyable.

AT hiring interviews were also thought to necessitate produc-
ing polished answers within strict time limits. This emphasis on
preparation within small time frames limited some people’s ability
to organize and deliver responses on the spot. This format was
particularly disabling for some groups of people with disabilities
(e.g., those with learning and cognitive disabilities) for whom strict
time limits were anxiety-inducing, stressful, and a limitation to
doing well. P6, while recalling her experiences with Al hiring in-
terviews, articulated these challenges while also highlighting a
previous inclusive experience that accommodated their disability.

It’s [AI interviews] very hard, especially with dyslexia,
because there might not be the opportunity to correct
[answers]... [An inclusive non-Al interview] They gave
me questions in advance, so I was able to come up with
responses through the week... not on the spot... Hav-
ing enough time, five minutes between each question,
and having the ability to take breaks if needed. - P6
(Experienced with AI hiring interviews)

Finally, participants noted that Al interviews also limited their
ability to frame their disability as an asset; a strategy that many in
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our study used to preemptively address disability-related stereo-
types. In traditional (non-Al) interviews, people noted how they
could explain behaviors that might fall outside normative expec-
tations and emphasized how their experiences and skills could
benefit the organization. People spoke at length about finding ways
to interject with such explanations during interviews, even when
the questions were unrelated. People with visible disabilities, in
particular, sought and appreciated explicit ways to demonstrate
competence and skills directly related to the job, to counteract
stereotypes that framed their disability as limiting. As P7, a teacher
mentioned ‘T liked having a model lesson as an opportunity to show
that I am capable as a teacher. It gave me an opportunity to head
off any preconceived notions about my abilities because I am blind.”
Again, Al interviews removed this possibility by focusing on a
standardized set of mostly personality-related questions.

5.3 Al Undermines Autonomy

Autonomy, in the context of people with disabilities, refers to their
ability to make informed decisions about their lives and bodies [96],
and is central to their self-determination, especially given the long
history of their choices being constrained by paternalistic societal
attitudes and ableist institutional norms [59]. Although participants
acknowledged certain advantages of Al hiring interviews that sup-
ported or even enhanced their sense of autonomy (e.g., completing
interviews remotely from the comfort of an accessible home envi-
ronment), these benefits were considerably offset by affordances
that undermined them. The shift from two-way interactions to one-
way interactions, which meant people had no opportunities to ask
questions (e.g., about the workplace), limited their ability to make
an informed choice about whether the organization was a good fit
for them. P2, for instance, was particularly proactive in assessing
the workplace in traditional (non-Al) interviews, an approach they
wanted to replicate in Al interactions.

[In traditional non-Al interviews] one question I ask is,
what’s your policy on sick leave [as a disability accom-
modation]? If they’re like, no sick leave, that’s not a
place where I want to work. It demonstrates a certain
amount of intolerance. I'd want the Al to have to provide
an opportunity for you to ask questions as well. If it’s
like loaded with all the information from the company
handbook, you should be able to ask questions and get
those answers. - P2

Autonomy was understood to be further undermined by auto-
mated disability detection features. Participants explained that such
features would foreground their disability and limit their ability
to choose when, how, and to whom they disclosed their disability.
Disclosure was described as a personal and deliberate decision,
central to the ways people with disabilities exercised autonomy
and control over how they were perceived by potential employers.
As P12 said, I prefer not to disclose. The idea that Al is taking away
my own autonomy [through automated disability detection] is highly
concerning. I think it would lead to a lot of false assumptions about
my disability and my capabilities. Participants noted that disclosure
decisions were often shaped by several factors, including the nature
of their disability, the evolving dynamics of the interview, and prior
experiences with disclosure. For individuals with visible disabilities,
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even when their disability was the focus in traditional (non-Al)
interviews, they retained the agency to guide and shape the con-
versation (e.g., by suggesting alternative ways to accomplish tasks
that might otherwise be seen as constrained by their disability) -
something they were unable to do in Al hiring interviews.

As we stated earlier, the opacity of Al hiring interviews limited
participants’ understanding of the interview’s purpose and how
they were being evaluated. In traditional (non-Al) interviews, this
understanding, to some degree, allowed people with disabilities to
preserve their autonomy by exercising control over interactions and
managing how they were perceived. Importantly, the opacity also
curtailed their awareness of bias and discrimination in the hiring
process and their ability to act on it. In traditional (non-Al) inter-
views, hiring participants noted being able to determine whether
ableism shaped their hiring outcomes - for instance, whether an
interviewer dismissed, minimized, or stigmatized disability, and
if so, to pursue recourse and ensure fairness in the recruitment
process. For instance, P15 noted how on one occasion she pursued
recourse by filing complaints and escalating her case to relevant
authorities when she felt that a hiring decision was impacted by
her disability. However, such actions were no longer possible with
AT hiring interviews, where the increased lack of transparency was
seen to be disempowering.

5.4 Al Intrudes on Privacy

Participants consistently expressed privacy concerns related to
their personal identity and data in AI hiring interviews. People
with disabilities face heightened data-privacy risks with Al sys-
tems because the data these systems capture can increase risks
of identifiability for some groups of people with disabilities and
inadvertently reveal sensitive disability-related information, which
may be stored, used, or shared in ways that lead to profiling and
discrimination [86, 150]. Participants viewed aspects of their iden-
tity, especially those concerning their disability, as deeply private
and sought to exercise control over when and how such informa-
tion was disclosed. Needless to say, this apprehension in sharing
disability-related information was challenged by automated disabil-
ity detection features, which were perceived by participants to be
intrusive as they seemed to collect this information without their
consent. As P3 put it, “TAutomated disability-detection features] have
privacy concerns, because not every disabled person wants to disclose
that they’re disabled, and in a hiring process that would take away
their option to disclose.”

Concerns about data privacy surfaced in parallel. While a few par-
ticipants were inherently wary of what data organizations collected
and how this data might be used by them, others only reflected on
the implications of data capture and use when the issue was raised
during the incremental reveal portion of the focus groups and in-
terviews. Across discussions, participants highlighted the lack of
transparency around data use as a serious issue. They questioned
how, where, and when their data might be stored and used, as well
as how it would feed into Al models. A few even questioned whether
their information would be managed securely, while others artic-
ulated broader risks - such as how unethical data practices could
perpetuate systemic marginalization of people with disabilities in
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the job market and beyond. P4, when shown the AT hiring market-
ing video, highlighted their data privacy concerns by likening Al
hiring interviews to more familiar facial recognition systems.
[AI hiring interviews] is like facial recognition without
consent. I don’t like that. It’s not transparent, and they’re
not like, asking you, is this okay? They’re likely gonna
use your data for their training, for the model. That’s
what’s creepy - you don’t get to choose. - P4

As we described above, while these data-privacy risks are likely
not unique to people with disabilities, the potential impact of pri-
vacy violations is magnified for them, given the sensitive nature of
disability-related information.

The incremental reveal section in the focus groups and inter-
views prompted participants to (re)consider what disability-related
information they would be willing to share in Al hiring interviews
and heightened awareness of data capture and use practices of orga-
nizations. Several expressed that they would become more guarded,
even though they recognized that withholding certain kinds of in-
formation (e.g., employment and education experiences that could
suggest that they are disabled) would ultimately be detrimental to
their chances of employment. Others emphasized how the interview
context was fraught with stress and vulnerability, given the high
stakes of securing long-term work. Indeed, many of our participants
described in detail their struggles in finding long-term employment.
In this context, lingering doubts about their data privacy would
likely amplify their feelings of anxiety and precarity. As a result,
for participants like P5, data privacy was non-negotiable. They felt
that any disability-related information they disclosed would be re-
duced to a demographic data point that could be used to potentially
discriminate against them.

[Questions like] Do you have a disability? People are
using this for demographics... They’re going to use my
info [against me]. [Data capture] It’s invasive. I'm vul-
nerable going to the interview. You're trying to open up
my can of worms of personal feelings. I would not work
for them. I am eerie about sharing my data. - P5

Although participants offered a few suggestions for mitigating
data privacy risks - such as financial compensation to legitimize
consent, formal agreements outlining data use (like P2 who said
‘I need a legal agreement that my data will not be used to paint or
view people like me negatively.”), or technical data anonymization
techniques - most acknowledged that they would have little agency
in the data capture and use process. This sense of resignation also
underscored the power asymmetry in Al-mediated hiring.

6 Discussion

AI hiring technologies are touted for their potential to improve
organizational hiring processes by enhancing efficiency and scala-
bility while also providing a fair, standardized, and more objective
experience for job seekers. However, our engagement with job seek-
ers with disabilities reveals risks and concerns not well addressed
by current systems. Participants with disabilities are concerned that
rather than creating a level playing field, these technologies seem
to center normative characteristics [117], exacerbate information
asymmetries, undermine autonomy, and intrude on privacy (RQ1
and RQ2). While these risks are not limited only to job seekers with



CHI *26, April 13-17, 2026, Barcelona, Spain

disabilities, they are magnified for this group, who are underrep-
resented in the labor market and contend with several physical,
social, cultural, and attitudinal barriers to finding employment. In
the next section, we discuss what it means for Al hiring technolo-
gies to constitute a surveillance infrastructure. By profiling and
sorting people with disabilities, these systems not only surveil, but
they also potentially impede access to employment. Through this
framing, we contribute to conversations about the role of Al in
reconfiguring social relations and its social impacts on marginal-
ized groups (RQ1 and RQ2). We conclude with implications of our
findings for design, policy, and research (RQ3).

6.1 Al Hiring Technologies as Surveillance
Infrastructures

Writing about surveillance infrastructures in the age of digital tech-
nology, Lyon [83] introduced the concept of “surveillance as sorting”
[83] to foreground “sorting” as a defining characteristic of technolo-
gies that monitor and control people. Such technologies operate
by profiling individuals and then sorting them into distinct social
groups. The purpose of this sorting, Lyon argues, is to assess levels
of risk across populations, with those deemed “high risk” dispropor-
tionately subjected to discrimination [83]. Yet, he observes that less
is known about the implications of these sorting technologies on ev-
eryday people and how this warrants interdisciplinary engagement
[83]; an important gap that this paper addresses by examining how
AT hiring interviews enact sorting to seemingly shape job seekers
with disabilities’ access to employment.

Hiring Al technologies, in our view, represents an instance of
surveillance infrastructures that rely on “sorting” to profile and
classify job seekers to determine organizational fit. Central to the
functioning of sorting surveillance systems are abstracted data and
the codes used to organize them [83]. In our context, abstract data
includes video interview recordings, while codes take the form of
standardized assessments that seem to privilege normative charac-
teristics and, in doing so, position people with disabilities as atypical
or abnormal. Here, we echo claims by prior HCI scholars that AI
that quantifies personality and behavioral traits is indeed disabling
[28, 143, 150]. A second feature of sorting-surveillance systems is
that their outcomes have tangible consequences for individuals’
life chances [83]. While we cannot make definitive claims about
how AT hiring interviews shaped people’s job prospects, a couple of
things were true: all participants perceived the systems negatively,
and those who had experiences with them did not have any suc-
cess with interviewing. The affordances of Al hiring technologies,
which privileged normative characteristics [117], shifted dynamics
to one-way assessments, created mismatches between what the
technology measured and what was deemed relevant to the job
[25], constrained the format, which limited how much information
interviewees could gather and share, meant that the odds were
stacked against our participants; they had little to no opportunity
to succeed. For a group struggling in the labor market, Al hiring
interviews seemingly function as “doors that impede” [83] access
to employment, potentially exacerbating existing inequities.

Hiring Al technologies also appears to operate as what Saltes
terms “disability surveillance infrastructures” [127]. Saltes extends
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Lyon’s notion of sorting to examine how surveillance technolo-
gies look to sort disabled people out by implicitly labeling them
as economic risks [127]; a framing that could very well apply to
our participants. People with disabilities are stereotyped as unpro-
ductive and burdensome, requiring disproportionate resources to
contribute effectively; these stereotypes are consistent with both
our participants’ hiring experiences and prior work [21, 57, 91]. This
framing of people with disabilities as unproductive aligns with long-
standing critiques of capitalism in disability studies, which argue
that capitalist societies deploy the concept of productivity as a nor-
mative standard to marginalize and discriminate against disabled
bodies (e.g., [93]). Beyond this, disability surveillance infrastruc-
tures also diminish the personhood of people with disabilities by
reducing individuals to their impairments. Participants saw Al as
reducing them to data points or demographics that strayed from
normative standards. Al also deprived people of opportunities to
contextualize their disability and counter stereotypes. Automated
disability detection features undermined their autonomy to disclose
at their convenience. In essence, these affordances reproduce ableist
norms, further exemplifying how technology systems like Al can
reinforce the marginalization of people with disabilities.

How are AT hiring interviews similar or different to other surveil-
lance infrastructures discussed in HCI? Like emotion Al [124], pas-
sive sensing [30], or monitoring software [139], Al hiring interviews
also reduce people to measurable, quantifiable criteria to assess
them. These quantifiable criteria are misaligned with people’s con-
ceptions of criteria that are essential to being a good worker or, in
our case, who can be a good worker [115]. For job seekers with dis-
abilities, this reduction to data points is particularly damaging, as
it emphasizes impairments, stripping them of their humanity [107].
The surveillance systems also rely on standardized assessments that
penalize deviations from the norm, reinforcing normative expecta-
tions. Power asymmetries in both cases emerge from information
asymmetries [30]: employers retain privileged access to data and
decision criteria invisible to the employee/job seeker. With hiring,
the transformation of interviews to one-way assessments, which
constrain the ability of job seekers to demonstrate their competence
and emergent abilities, enables these asymmetries. Other similar-
ities include autonomy harms [124], as job seekers, like workers,
had little agency how they were characterized and evaluated by
the systems (e.g., with automated disability detection features and
one-way assessments) and intrusions into their sense of privacy
(e.g., with how data was collected and used), which too are central
to how surveillance infrastructures operate.

While similar in the above regards, Al hiring interviews differ
from other workplace surveillance technologies in how they exert
control over the surveilled. Unlike other surveillance technologies,
which have been shown to enforce control over employees through
regulation, i.e., continuous compliance shaping conduct and result-
ing in disciplinary surveillance [40], AT hiring interviews seem to
enact surveillance through gatekeeping, determining who is even
allowed to enter the workforce. These systems give the impression
that they use sorting to exercise “differential control” [95], i.e., ac-
tively construct differences between groups of job seekers which
result in disparate outcomes. Algorithmic functioning can amplify
these differential effects [95], enabling what has been described
as the “algorithmic management” [79, 120] of job seekers, where
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opaque systems allow a few to control who gets a job. Al hiring in-
terviews also appear to constitute a more overt form of surveillance:
job seekers are acutely aware they are being observed and recorded,
though the criteria are opaque. Finally, participation is arguably
very much coerced; job seekers are not under any contractual obli-
gation with employers and surrender personal data without any
guaranteed return, rendering this surveillance a uniquely extractive
form of gatekeeping. In all, it seems like AT hiring interviews work
in conjunction with other forms of surveillance infrastructures to
intensify control and reproduce structural challenges.

AT hiring interviews reconfigure relationships between job seek-
ers and employers: what was once an interactive exchange where
job seekers could demonstrate skills and competence, build rapport
with interviewers, and challenge implicit perceptions has seem-
ingly become a one-sided, opaque evaluation in which algorithms
dictate worthiness based on personality traits. These technologies
also undermine autonomy by constraining how job seekers present
themselves and intrude on privacy by extracting personal data
under coercive conditions. These shifts redistribute power away
from job seekers, narrowing the terms under which they are recog-
nized as employable. For HCI, paying attention to these evolving
dynamics of surveillance systems is crucial as it: 1) challenges HCI
to expand its analytic lens beyond the workplace, to understand
how surveillance infrastructures reshape access to work itself, and
2) foregrounds how socio-technical systems reproduce structural
inequities in ways that design and policy must contend with.

6.2 Design and Policy Implications

6.2.1 Participation as a bottom-up requirement to address technical
Al challenges. Increased public participation in the Al design and
evaluation process is often seen as necessary to address the more
harmful outcomes of surveillance systems [95]. This participation
should include marginalized groups, like people with disabilities, to
steer Al technologies towards fairer outcomes. In much Al research,
however, this imperative of enhancing participation of marginalized
groups is frequently reduced to a technical call for more ‘diverse’
datasets. In theory, this approach can foster greater fairness by
de-centering normative attributes and improving the accuracy of
model predictions to ensure that people with disabilities are eval-
uated like anyone else [70, 71]. However, in reality, such narrow
abstractions sidestep the broader issues of power and other struc-
tural challenges that underlie discriminatory hiring practices (e.g.,
[9, 134]), introduce new ethical concerns (e.g., about data ownership
and management), and heighten the risk of over-surveillance of
marginalized groups. Thus, countering the adverse effects of surveil-
lance necessitates that meaningful participation be grounded in
participatory Al processes and community-led audits.
Participatory Al Participatory Al processes have the potential to
account for the needs of marginalized job seekers like people with
disabilities in the design of Al systems, like hiring interviews, and
address harms they encounter preemptively by making them equal
stakeholders in the design process [17, 18]. Prior research in HCI
and labor has stated how participatory design methods that center
workers’ rather than employer perspectives [23, 24] can address
harms associated with surveillance systems in the workplace (e.g.,
erosion of privacy [124]). While extending such considerations to
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Al hiring interviews and job seekers would also move them towards
fair(er) outcomes, it also raises an important question: Which work-
ers (or job-seekers) should be centered? Workers (or job-seekers)
are not a monolithic group, and marginalized groups such as our
participants face disparate challenges in the labor market. Cen-
tering their needs and critical perspectives [36, 49] throughout,
right from problem formulation to system deployment [85, 147]
can reveal systemic inequities (e.g., how disability stereotypes per-
petuate inequity in hiring), surface normative concerns embedded
in technologies (e.g., challenges with standardized assessments) and
preemptively anticipate harms (e.g., with data privacy). Calacci goes
a step further, asserting that such participatory processes should be
‘led’ by those most affected by surveillance systems [23], to avoid
their involvement being tokenized [17].

Simultaneously, these participatory processes should include
other stakeholders of AT hiring technologies, like human resource
professionals (HR). Preliminary research with these stakeholders
shows both overlaps (e.g., concerns over transparency) and diver-
gences (e.g., perceived value in automating routine interviewing
tasks) in how these groups and the likes of our participants under-
stand and use such systems [81]. Although prior work has high-
lighted the challenges of finding alignment between worker and
management interests in the context of surveillance [23], we believe
otherwise; bringing these stakeholders to the same table is a critical
starting point to surface their distinct values and needs, which can
then guide the design of equitable Al systems. Here, initiatives such
as WeBuildAl provide a model for designing Al systems in more
participatory ways that reflect diverse stakeholder interests [78].

Community-led Audits: Routine community-led audits of Al sys-
tems, using tools like model cards [94] and auditing frameworks
such as [119], can serve as a form of sousveillance [87], allowing
the likes of our participants to scrutinize the Al-driven decisions
and hold surveillance technologies, such as Al hiring interviews,
accountable. These audits can surface some of the key concerns
perceived and experienced by our participants, including issues
with their representation in training data, disparities in model per-
formance across groups of people with disabilities, and the ways Al
data points (e.g., facial expressions) and measurements (e.g., excite-
ment) may disadvantage them. These audits can be complemented
by HR involvement in ongoing monitoring and feedback loops of
AT hiring interviews, where tools like the TARAI index [133] can
provide a transparent view of Al decisions, enabling the timely
correction of biases.

Community-led audits should not only evaluate Al from a tech-
nical standpoint, but also examine their use from a broader socio-
technical and organizational standpoint - an approach which has
been proposed even in the context of hiring Al previously [135].
Bias and fairness encoded in Al systems are only one part of the
issue; the broader issue lies in how they are deployed and used
by organizations. Evaluating Al within the context of its use can
surface broader social and structural concerns (e.g., organizational
culture to address disability stereotypes) that also need to be ad-
dressed to ultimately create meaningful participation for groups
like people with disabilities in society.

To ensure these audits are genuinely community-led, organiza-
tions deploying AI hiring systems should be required to establish
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and collaborate with community oversight boards composed of di-
verse groups of people with disabilities. These boards could partner
with organizations to 1) conduct routine audits and evaluations and
2) advise on how to enhance meaningful participation of people
with disabilities in addressing issues surfaced by those audits. For
instance, the community board, through audits, could flag issues in
how candidate suitability is scored - a key concern raised by our
participants - and work with companies to develop more inclusive
assessments. Simultaneously, building the independent auditing
capacity of community-led advocacy organizations is essential for
supporting collective resistance [23, 24] and anti-surveillance initia-
tives [44] that will contest the growing use of surveillance technolo-
gies in hiring; an avenue for academic-community partnerships.
Academia, here, can contribute technical expertise (e.g., audit train-
ing through the use of tools like the Algorithmic Equity Toolkit
[72]), which both benefits community organizations and fosters
novel intellectual directions with real-world community impact
like [149]. The University of Michigan’s Community Partnerships
model offers one example of how such collaborations can be struc-
tured from within academia [29]. In the arena of technology and
digital accessibility, such collective resistance efforts would extend
a long lineage of social movements that have reshaped equity and
access for underserved groups (e.g., [123, 141]).

6.2.2  Policy as a top-down necessity to promote fair Al use. Policy
regulations are necessary to hold employers accountable and limit
the deployment of surveillance systems that exploit job seekers and
workers. For instance, prior work in HCI has discussed at length
how policy can protect workers’ right to privacy [30, 124, 139]. Sim-
ilar protections are necessary for job seekers, who face even greater
vulnerabilities since they lack contractual protections and risk los-
ing opportunities if they refuse to consent to data capture. For job
seekers with disabilities in the USA, we believe that the Americans
with Disabilities Act (ADA), which protects the civil rights of people
with disabilities, [1] can play a vital role in guaranteeing privacy
protections and limiting Al harms preemptively.

ADA & Privacy: Among the specific privacy concerns raised
by our participants were issues related to the automatic detection
of their disability. Although the ADA [1] recognizes legal issues
related to privacy, including those involving Al [2], it does not
yet provide specific guidance on automated disability detection
features, a necessary first step that will recognize the seriousness
of the problems posed by these features. As our participants noted,
automated disability detection features impinge on their autonomy
and privacy. As such, guidance here should ban the development
and implementation of these features, given their capacity to dis-
criminate against people with disabilities and non-disabled people.
Participants also expressed apprehension about data privacy, i.e,
their data being recorded and used to train Al models. To address
these concerns, regulation could push employers to implement
mechanisms that provide job seekers with more control over their
data [49]. Job seekers should have the right to control their data and
withhold it from organizations without fear of retribution. Another
option is for platforms to set up data exchange as a negotiation
[49], where people can consent to some of their data being used by
organizations (e.g., verbal but not facial data).

Kameswaran et al.

ADA & Al in Employment settings: The ADA should include more
provisions to preemptively protect people with disabilities from AI-
related harms. At present, ADA guidance on Al implementation in
the workplace is in its nascent stages [2]. To develop this guidance,
policymakers could look to the European Union (EU) to develop
robust preemptive measures. EU regulations classify the use of
automated decision-making tools in employment contexts as high-
risk while explicitly prohibiting sorting and categorization of job
seekers [38]. For non-decision-making Al tools, EU law requires full
transparency of the Al model and explanations of decisions [38].
Implementation of both of these measures can drastically improve
the hiring experiences of job seekers with disabilities, including
participants in our study who perceived discrimination by black-
box algorithms. Here, community oversight boards (Section 6.2.1)
could also offer policy guidance that could ensure that organizations
are not penalized (like with ADA violations that resulted in fiscal
and reputational damage for corporations like Domino’s [123]).

Broader policy regulations that govern Al use should include
disability as a protected category. In the US context, legislation that
seeks to regulate the use of Al in employment settings has begun
to emerge [110]. For example, New York State recently established
a policy around the use of automated decision-making tools in
workplaces that prohibit discrimination based on race, ethnicity,
and sex [110]. As is evident, these measures lack explicit protec-
tions against disability discrimination [34]. Expanding the scope
of such policies to include disability alongside other recognized
demographic categories represents a crucial step in establishing
more equitable protections for people with disabilities.

Ultimately, while design and policy interventions are crucial for
mitigating the harms of surveillance technologies like Al hiring
interviews, they may be insufficient to fully address the structural
inequities [140] these technologies perpetuate. It is vital that we
HCI researchers go beyond developing these interventions and
actively contest the acceptance of these technologies in order to
reject their exploitative practices. Here, recognizing when not to
design [27], advocating for refusal [7, 14] (e.g., opposing Al adoption
in organizational contexts [124]), and shaping public discourse
about the inequities produced by Al systems [7] can challenge the
legitimacy and proliferation of surveillance technologies [137].

7 Limitations

This study has several limitations. First, our participants were peo-
ple with disabilities based in the United States who were recruited
through personal contacts and snowball sampling; consequently,
the sample is not representative of the broader population of people
with disabilities, even within the U.S. In addition, our results are
based on focus groups and interviews with a relatively small number
of participants, as is common in qualitative research. Future work
that incorporates larger qualitative samples, as well as quantitative
studies, will be important for generating more generalizable insights
and informing efforts to address barriers associated with surveil-
lance technologies, such as Al hiring interviews. Moreover, our
focus on a diverse group of people with disabilities meant that we
were unable to examine the specific and distinct concerns of individ-
ual disability groups (e.g., deaf people) - an important step toward
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designing inclusive AI hiring interview platforms. Our method-
ological choices also introduce limitations. While focus groups and
interviews are valuable for understanding participants’ broad ex-
periences and perceptions with technology, they have inherent
limitations that other methods could address. For instance, using Al
hiring interviews as design probes combined with think-aloud pro-
tocols can reveal more detailed, nuanced, and moment-to-moment
interactions, while technical analyses of Al systems could help iden-
tify systematic patterns of bias within these platforms. Research
involving additional stakeholders (e.g., HR professionals and orga-
nizational leaders) will be crucial for understanding both shared
and divergent experiences, needs, and values - insights that are
essential for guiding the design of equitable, multi-stakeholder tech-
nologies like Al hiring interviews. Finally, our study’s U.S. context
is a limitation, given that most people with disabilities reside in the
Global South [65-68]. As Al systems continue to proliferate world-
wide, it will be essential to investigate situated experiences in these
contexts, where distinct socio-cultural-political conditions (e.g., dif-
fering perceptions of objectivity and authority) will shape how
people engage with Al-based hiring platforms (e.g., [64, 69, 75]).

8 Conclusion

Our study surfaces how job seekers with disabilities perceive and ex-
perience discrimination with AT hiring interviews, which: 1) center
normative characteristics, 2) exacerbate information asymmetries,
3) undermine autonomy, and 4) intrude on privacy. We conceptu-
ally reframe AI hiring interviews as surveillance infrastructures
to shine light on how Al technologies reconfigure social relation-
ships by shifting power dynamics, thus altering life chances for
a marginalized group. We offer suggestions for how design and
policy could mitigate the discriminatory effects of Al

Acknowledgments

This material is based upon work partially supported by the Na-
tional Science Foundation under Grant No. 2229885 (NSF Institute
for Trustworthy Al in Law and Society, TRAILS). Any opinions,
findings, and conclusions or recommendations expressed in this
material are those of the author(s) and do not necessarily reflect the
views of the NSF. We also thank Aryan Thakar, Macfadyen Nichols,
Olamide Onafuwa, and Trista Cao for their insights on this work.

References

[1] ADA. 2025. ADA. https://www.ada.gov/

[2] ADA. 2025. ADA. https://www.ada.gov/assets/pdfs/ai-guidance.pdf

[3] Hleg Ai. 2019. High-level expert group on artificial intelligence. Ethics guidelines
for trustworthy AI 6 (2019).

[4] Ifeoma Ajunwa. 2020. The “black box” at work. Big Data & Society 7, 2 (2020),
2053951720966181.

[5] Ifeoma Ajunwa. 2021. Automated video interviewing as the new phrenology.
Berkeley Technology Law Journal 36, 3 (2021), 1173-1226.

[6] Ifeoma Ajunwa, Kate Crawford, and Jason Schultz. 2017. Limitless worker
surveillance. Calif. L. Rev. 105 (2017), 735.

[7] Ali Alkhatib. 2021. To live in their utopia: Why algorithmic systems create
absurd outcomes. In Proceedings of the 2021 CHI conference on human factors in
computing systems. 1-9.

[8] Liron Allerhand, Brit Youngmann, Elad Yom-Tov, and David Arkadir. 2018.
Detecting Parkinson’s Disease from interactions with a search engine: Is expert
knowledge sufficient?. In Proceedings of the 27th ACM international conference
on information and knowledge management. 1539-1542.

[9] Nazanin Andalibi. 2025. Emotion Al will not fix the workplace. Interactions 32,
2 (2025), 33-35.

[10]

[11]

[12

[13

[14

[15

[16

[17

[18

[19

[20]

[21

)
£

[23

[24]

[25

[26

[27

[28

[29

[30

[31

[32

[33
[34

CHI *26, April 13-17, 2026, Barcelona, Spain

Ira Anjali Anwar, Joyojeet Pal, and Julie Hui. 2021. Watched, but moving: Plat-
formization of beauty work and its gendered mechanisms of control. Proceedings
of the ACM on Human-Computer Interaction 4, CSCW3 (2021), 1-20.

Alex Atcheson, Omar Khan, Brian Siemann, Anika Jain, and Karrie Karahalios.
2025. " T'd Never Actually Realized How Big An Impact It Had Until Now":
Perspectives of University Students with Disabilities on Generative Artificial
Intelligence. In Proceedings of the 2025 CHI Conference on Human Factors in
Computing Systems. 1-22.

Kirstie Ball. 2010. Workplace surveillance: An overview. Labor History 51, 1
(2010), 87-106.

The World Bank. 2020. Disability Inclusion. https://www.worldbank.org/en/
topic/disability

Eric PS Baumer and M Six Silberman. 2011. When the implication is not to
design (technology). In Proceedings of the SIGCHI Conference on Human Factors
in Computing Systems. 2271-2274.

Rosanna Bellini, Emily Tseng, Nora McDonald, Rachel Greenstadt, Damon
McCoy, Thomas Ristenpart, and Nicola Dell. 2021. " So-called privacy breeds
evil" Narrative Justifications for Intimate Partner Surveillance in Online Forums.
Proceedings of the ACM on Human-Computer Interaction 4, CSCW3 (2021), 1-27.
Abeba Birhane. 2021. Algorithmic injustice: a relational ethics approach. Patterns
2,2 (2021).

Abeba Birhane, William Isaac, Vinodkumar Prabhakaran, Mark Diaz,
Madeleine Clare Elish, Iason Gabriel, and Shakir Mohamed. 2022. Power to the
people? Opportunities and challenges for participatory AL In Proceedings of
the 2nd ACM Conference on Equity and Access in Algorithms, Mechanisms, and
Optimization. 1-8.

Abeba Birhane, William Samuel Isaac, Vinodkumar Prabhakaran, Mark Diaz,
Madeleine Clare Elish, Iason Gabriel, and Shakir Mohamed. 2022. Frameworks
and challenges to participatory AL In Proceeding of the Second Conference on
Equity and Access in Algorithms, Mechanisms, and Optimization (EAAMO 2022).
Pam Briggs, Elizabeth Churchill, Mark Levine, James Nicholson, Gary W
Pritchard, and Patrick Olivier. 2016. Everyday surveillance. In Proceedings
of the 2016 CHI Conference Extended Abstracts on Human Factors in Computing
Systems. 3566-3573.

Joy Buolamwini and Timnit Gebru. 2018. Gender shades: Intersectional accu-
racy disparities in commercial gender classification. In Conference on fairness,
accountability and transparency. PMLR, 77-91.

Jana Burke, Jill Bezyak, Robert T Fraser, Joseph Pete, Nicole Ditchman, and Fong
Chan. 2013. Employers’ attitudes towards hiring and retaining people with
disabilities: A review of the literature. The Australian Journal of Rehabilitation
Counselling 19, 1 (2013), 21-38.

Kelly Caine. 2016. Local standards for sample size at CHI. In Proceedings of the
2016 CHI conference on human factors in computing systems. 981-992.

Dan Calacci. 2022. Organizing in the end of employment: information sharing,
data stewardship, and digital workerism. In Proceedings of the 1st Annual Meeting
of the Symposium on Human-Computer Interaction for Work. 1-9.

Dan Calacci. 2023. Building dreams beyond labor: Worker autonomy in the age
of AL Interactions 30, 6 (2023), 48-51.

CDT. 2025. CDT. https://cdt.org/insights/screened- out-the-impact- of-digitized-
hiring-assessments-on-disabled-workers/

Zhisheng Chen. 2023. Ethics and discrimination in artificial intelligence-enabled
recruitment practices. Humanities and social sciences communications 10, 1 (2023),
1-12.

Marika Cifor, Patricia Garcia, TL Cowan, Jasmine Rault, Tonia Sutherland, Anita
Chan, Jennifer Rode, Anna Lauren Hoffmann, Niloufar Salehi, Lisa Nakamura,
et al. 2019. Feminist data manifest-no. Cit. on 119 (2019).

Kate Crawford. 2021. The atlas of AI: Power, politics, and the planetary costs of
artificial intelligence. Yale University Press.

Madison Cutler, Molly Kleinman, Marita Ky, Yvonne Navarrete, Kaci Pellar,
Divya Ramesh, Eric Welsby, and Erin Keith. 2024. Community partnerships
playbook: how to create equitable partnerships between technical and community
experts. Technical Report. University of Michigan.

Vedant Das Swain, Lan Gao, William A Wood, Srikruthi C Matli, Gregory D
Abowd, and Munmun De Choudhury. 2023. Algorithmic power or punishment:
Information worker perspectives on passive sensing enabled ai phenotyping of
performance and wellbeing. In Proceedings of the 2023 CHI Conference on Human
Factors in Computing Systems. 1-17.

Lennard J Davis. 1997. Constructing normalcy. The disability studies reader 3
(1997), 3-19.

Tawanna R Dillahunt, Alex Jiahong Lu, Aarti Israni, Ruchita Lodha, Savana
Brewer, Tiera S Robinson, Angela Brown Wilson, and Earnest Wheeler. 2022.
The village: Infrastructuring community-based mentoring to support adults
experiencing poverty. In Proceedings of the 2022 CHI Conference on Human
Factors in Computing Systems. 1-17.

Carl DiSalvo. 2015. Adversarial design. Mit Press.

DM. 2025. DM. https://www.duanemorris.com/alerts/enforcement_nyc_
artificial_intelligence_bias_law_automated_employment_decision_tools_
0623.html


https://www.ada.gov/
https://www.ada.gov/assets/pdfs/ai-guidance.pdf
https://www.worldbank.org/en/topic/disability
https://www.worldbank.org/en/topic/disability
https://cdt.org/insights/screened-out-the-impact-of-digitized-hiring-assessments-on-disabled-workers/
https://cdt.org/insights/screened-out-the-impact-of-digitized-hiring-assessments-on-disabled-workers/
https://www.duanemorris.com/alerts/enforcement_nyc_artificial_intelligence_bias_law_automated_employment_decision_tools_0623.html
https://www.duanemorris.com/alerts/enforcement_nyc_artificial_intelligence_bias_law_automated_employment_decision_tools_0623.html
https://www.duanemorris.com/alerts/enforcement_nyc_artificial_intelligence_bias_law_automated_employment_decision_tools_0623.html

CHI *26, April 13-17, 2026, Barcelona, Spain

(35]

[36

[37

S
N

[47

[48

N
)

[50

(51

[52

[53

[54

(55

[56

Kimberly Do, Maya De Los Santos, Michael Muller, and Saiph Savage. 2024. De-
signing gig worker sousveillance tools. In Proceedings of the 2024 CHI Conference
on Human Factors in Computing Systems. 1-19.

Paul Dourish, Janet Finlay, Phoebe Sengers, and Peter Wright. 2004. Reflective
HCI: Towards a critical technical practice. In CHI'04 extended abstracts on Human
factors in computing systems. 1727-1728.

Eleanor Drage and Kerry Mackereth. 2022. Does Al debias recruitment? Race,
gender, and AT’s “eradication of difference”. Philosophy & technology 35, 4 (2022),
89.

EU. 2025. EU. https://artificialintelligenceact.eu/chapter/3/

World Economic Forum. 2025. Hiring with Al doesn’t have to be so inhu-
mane.  https://www.weforum.org/stories/2025/03/ai- hiring-human-touch-
recruitment/

Michel Foucault. 2012. Discipline and punish: The birth of the prison. Vintage.
Tim Fountaine, Brian McCarthy, and Tamim Saleh. 2019. Building the AI-
powered organization. Harvard business review 97, 4 (2019), 62-73.

Patricia I Fusch Ph D and Lawrence R Ness. 2015. Are we there yet? Data
saturation in qualitative research. (2015).

Vinitha Gadiraju, Shaun Kane, Sunipa Dev, Alex Taylor, Ding Wang, Remi
Denton, and Robin Brewer. 2023. " I wouldn’t say offensive but...": Disability-
Centered Perspectives on Large Language Models. In Proceedings of the 2023
ACM Conference on Fairness, Accountability, and Transparency. 205-216.

Amy Gaeta. 2025. A disability theory of anti-surveillance tactics. NA (2025).
Arup Kumar Ghosh, Karla Badillo-Urquiola, Shion Guha, Joseph J LaViola Jr,
and Pamela J Wisniewski. 2018. Safety vs. surveillance: what children have
to say about mobile apps for parental control. In Proceedings of the 2018 CHI
conference on human factors in computing systems. 1-14.

Kate Glazko, JunHyeok Cha, Aaleyah Lewis, Ben Kosa, Brianna L Wimer, An-
drew Zheng, Yiwei Zheng, and Jennifer Mankoff. 2025. Autoethnographic
Insights from Neurodivergent GAI “Power Users”. In Proceedings of the 2025 CHI
Conference on Human Factors in Computing Systems. 1-19.

Kate Glazko, Yusuf Mohammed, Ben Kosa, Venkatesh Potluri, and Jennifer
Mankoff. 2024. Identifying and improving disability bias in GPT-based resume
screening. In Proceedings of the 2024 ACM Conference on Fairness, Accountability,
and Transparency. 687-700.

Kate S Glazko, Momona Yamagami, Aashaka Desai, Kelly Avery Mack, Venkatesh
Potluri, Xuhai Xu, and Jennifer Mankoff. 2023. An autoethnographic case study
of generative artificial intelligence’s utility for accessibility. In Proceedings of the
25th International ACM SIGACCESS Conference on Computers and Accessibility.
1-8.

Sandy JJ Gould. 2024. Stochastic Machine Witnesses at Work: Today’s Critiques
of Taylorism are Inadequate for Workplace Surveillance Epistemologies of the
Future. In Proceedings of the 2024 CHI Conference on Human Factors in Computing
Systems. 1-12.

Tamy Guberek, Allison McDonald, Sylvia Simioni, Abraham H Mhaidli, Kentaro
Toyama, and Florian Schaub. 2018. Keeping a low profile? Technology, risk
and privacy among undocumented immigrants. In Proceedings of the 2018 CHI
conference on human factors in computing systems. 1-15.

Greg Guest, Arwen Bunce, and Laura Johnson. 2006. How many interviews are
enough? An experiment with data saturation and variability. Field methods 18,
1 (2006), 59-82.

Neilly H. Tan, Richmond Y. Wong, Audrey Desjardins, Sean A. Munson, and
James Pierce. 2022. Monitoring pets, deterring intruders, and casually spying
on neighbors: Everyday uses of smart home cameras. In Proceedings of the 2022
CHI Conference on Human Factors in Computing Systems. 1-25.

Kevin D Haggerty and Richard V Ericson. 2017. The surveillant assemblage.
Surveillance, crime and social control (2017), 61-78.

Louis Hickman, Nigel Bosch, Vincent Ng, Rachel Saef, Louis Tay, and Sang Eun
Woo. 2022. Automated video interview personality assessments: Reliability,
validity, and generalizability investigations. Journal of Applied Psychology 107,
8(2022), 1323.

Linda Hirsch, Daeun Hwang, Mj Johns, and Katherine Isbister. 2025. HCI
for Climate Resilience: Developing an Individual and Community Focused
Framework through a Grounded Theory Approach. In Proceedings of the 2025
ACM Designing Interactive Systems Conference. 1740-1757.

Peter Jeffrey Holland, Brian Cooper, and Rob Hecker. 2015. Electronic moni-
toring and surveillance in the workplace: The effects on trust in management,
and the moderating role of occupational type. Personnel Review 44, 1 (2015),
161-175.

Andrew Houtenville and Valentini Kalargyrou. 2015. Employers’ perspectives
about employing people with disabilities: A comparative study across industries.
Cornell Hospitality Quarterly 56, 2 (2015), 168-179.

Ben Hutchinson, Vinodkumar Prabhakaran, Emily Denton, Kellie Webster, Yu
Zhong, and Stephen Denuyl. 2020. Social biases in NLP models as barriers for
persons with disabilities. arXiv preprint arXiv:2005.00813 (2020).

IL. 2025. IL. https://www.independentliving.org/docs6/evans2003.html
HIREVUE Inc. 2018. Detecting disability and ensuring fairness in automated scor-
ing of video interviews. https://patents.google.com/patent/US20190057356A1/en

[61]

[62

[63

[64

[65

[66

[67

[68

[69]

[70

[71

[72

[73

[74]

[75]

[76

[77

[78]

[79

[80

[81]

Kameswaran et al.

Alexis Shore Ingber, Oliver L Haimson, and Nazanin Andalibi. 2025. Distinguish-
ing Emotion Al: Factors Shaping Perceptions Including Input Data, Emotion
Data Recipients, and Identity. In Proceedings of the 2025 ACM Conference on
Fairness, Accountability, and Transparency. 498-510.

Lucas D Introna. 2000. Workplace surveillance, privacy and distributive justice.
Acm Sigcas Computers and Society 30, 4 (2000), 33-39.

Sanford M Jacoby. 1988. Employee attitude surveys in historical perspective.
Industrial Relations: A Journal of Economy and Society 27, 1 (1988), 74-93.
Vaishnav Kameswaran, Jatin Gupta, Joyojeet Pal, Sile O’Modhrain, Tiffany C
Veinot, Robin Brewer, Aakanksha Parameshwar, and Jacki O’Neill. 2018. "We
can go anywhere’ Understanding Independence through a Case Study of Ride-
hailing Use by People with Visual Impairments in metropolitan India. Proceed-
ings of the ACM on Human-Computer Interaction 2, CSCW (2018), 1-24.
Vaishnav Kameswaran and Srihari Hulikal Muralidhar. 2019. Cash, digital
payments and accessibility: A case study from metropolitan india. Proceedings
of the ACM on human-computer interaction 3, CSCW (2019), 1-23.

Vaishnav Kameswaran and Megh Marathe. 2023. Advocacy as access work:
how people with visual impairments gain access to digital banking in India.
Proceedings of the ACM on Human-Computer Interaction 7, CSCW1 (2023), 1-23.
Vaishnav Kameswaran, Maulishree Pandey, Michigan Josh Guber-
man Hrishikesh Rao, and Michigan Sile O’Modhrain. 2020. Experiences of
mobility in the Global South: Lessons from People with Visual Impairments
in India. In CHI'19 Workshops: Hacking Blind Navigation. Retrieved September,
Vol. 9.

Vaishnav Kameswaran, JERRY ROBINSON, Nithya Sambasivan, Gaurav Ag-
garwal, and M Morris. 2023. Al for accessibility: An agenda for the Global
South.

Vaishnav Kameswaran, Jerry Robinson, Nithya Sambasivan, Gaurav Aggarwal,
and Meredith Ringel Morris. 2024. Help and The Social Construction of Access: A
Case-Study from India. In Proceedings of the 26th International ACM SIGACCESS
Conference on Computers and Accessibility. 1-12.

Rie Kamikubo, Lining Wang, Crystal Marte, Amnah Mahmood, and Hernisa
Kacorri. 2022. Data representativeness in accessibility datasets: A meta-analysis.
In Proceedings of the 24th International ACM SIGACCESS Conference on Computers
and Accessibility. 1-15.

Rie Kamikubo, Farnaz Zamiri Zeraati, Kyungjun Lee, and Hernisa Kacorri. 2024.
AccessShare: Co-designing Data Access and Sharing with Blind People. In
Proceedings of the 26th International ACM SIGACCESS Conference on Computers
and Accessibility. 1-16.

Michael Katell, Meg Young, Bernease Herman, Dharma Dailey, Aaron Tam,
Vivian Guetler, Corinne Binz, Daniella Raz, and PM Krafft. 2019. An algorithmic
equity toolkit for technology audits by community advocates and activists.
arXiv preprint arXiv:1912.02943 (2019).

Harmanpreet Kaur, Alex C Williams, Daniel McDuff, Mary Czerwinski, Jaime
Teevan, and Shamsi T Igbal. 2020. Optimizing for happiness and productivity:
Modeling opportune moments for transitions and breaks at work. In Proceedings
of the 2020 CHI conference on human factors in computing systems. 1-15.

Alina K6chling and Marius Claus Wehner. 2023. Better explaining the benefits
why AI? Analyzing the impact of explaining the benefits of Al-supported selec-
tion on applicant responses. International Journal of Selection and Assessment
31,1 (2023), 45-62.

Akshay Kolgar Nayak, Yash Prakash, Sampath Jayarathna, Hae-Na Lee, and
Vikas Ashok. 2025. Insights in Adaptation: Examining Self-reflection Strategies
of Job Seekers with Visual Impairments in India. Proc. ACM Hum.-Comput.
Interact. 9, 7, Article CSCW304 (Oct. 2025), 30 pages. https://doi.org/10.1145/
3757485

Ha-Kyung Kong, Rachel Lowy, Youjin Choi, and Jennifer G Kim. 2025. Work-
ing Together Toward Interdependence: Chatbot-Based Support for Balanced
Social Interactions Between Neurodivergent and Neurotypical Individuals. In
Proceedings of the 2025 CHI Conference on Human Factors in Computing Systems.
1-17.

Steinar Kvale and Svend Brinkmann. 2009. Interviews: Learning the craft of
qualitative research interviewing. sage.

Min Kyung Lee, Daniel Kusbit, Anson Kahng, Ji Tae Kim, Xinran Yuan, Allissa
Chan, Daniel See, Ritesh Noothigattu, Siheon Lee, Alexandros Psomas, et al. 2019.
WeBuildAlI Participatory framework for algorithmic governance. Proceedings
of the ACM on human-computer interaction 3, CSCW (2019), 1-35.

Min Kyung Lee, Daniel Kusbit, Evan Metsky, and Laura Dabbish. 2015. Working
with machines: The impact of algorithmic and data-driven management on
human workers. In Proceedings of the 33rd annual ACM conference on human
factors in computing systems. 1603-1612.

Jingjin Li, Qisheng Li, Rong Gong, Lezhi Wang, and Shaomei Wu. 2025. Our
Collective Voices: The Social and Technical Values of a Grassroots Chinese
Stuttered Speech Dataset. In Proceedings of the 2025 ACM Conference on Fairness,
Accountability, and Transparency. 2768-2783.

Lan Li, Tina Lassiter, Joohee Oh, and Min Kyung Lee. 2021. Algorithmic hiring
in practice: Recruiter and HR Professional’s perspectives on Al use in hiring. In
Proceedings of the 2021 AAAI/ACM Conference on Al Ethics, and Society. 166—176.


https://artificialintelligenceact.eu/chapter/3/
https://www.weforum.org/stories/2025/03/ai-hiring-human-touch-recruitment/
https://www.weforum.org/stories/2025/03/ai-hiring-human-touch-recruitment/
https://www.independentliving.org/docs6/evans2003.html
https://patents.google.com/patent/US20190057356A1/en
https://doi.org/10.1145/3757485
https://doi.org/10.1145/3757485

Surveilling Suitability: How Al Hiring Interviews Impact Job Seekers with Disabilities

(87]

(88

(89]

)
S

[91

[92

[93

[94

[95]

[96

[97

[98

[99]

[100

[101

[102

[103

[104

[105

[106

[107

Sally Lindsay, Elaine Cagliostro, Mikhaela Albarico, Neda Mortaji, and Leora
Karon. 2018. A systematic review of the benefits of hiring people with disabilities.
Journal of occupational rehabilitation 28, 4 (2018), 634-655.

David Lyon. 2003. Surveillance as social sorting.

Kelly Avery Mack, Rida Qadri, Remi Denton, Shaun K Kane, and Cynthia L Ben-
nett. 2024. “They only care to show us the wheelchair”: disability representation
in text-to-image Al models. In Proceedings of the 2024 CHI Conference on Human
Factors in Computing Systems. 1-23.

Maria Isabel Magafia and Katie Shilton. 2025. Frameworks, Methods and Shared
Tasks: Connecting Participatory Al to Trustworthy AI Through a Systematic
Review of Global Projects. In Proceedings of the 2025 ACM Conference on Fairness,
Accountability, and Transparency. 2166-2179.

Jennifer Mankoff, Janice Light, James Coughlan, Christian Vogler, Abraham
Glasser, Gregg Vanderheiden, and Laura Rice. 2025. Accessibility Considerations
in the Development of an AI Action Plan. arXiv preprint arXiv:2503.14522 (2025).
Steve Mann. 2004. " Sousveillance" inverse surveillance in multimedia imaging.
In Proceedings of the 12th annual ACM international conference on Multimedia.
620-627.

Ivan Manokha. 2020. The implications of digital employee monitoring and
people analytics for power relations in the workplace. Surveillance and Society
18, 4 (2020).

Nora McDonald, Sarita Schoenebeck, and Andrea Forte. 2019. Reliability and
inter-rater reliability in qualitative research: Norms and guidelines for CSCW
and HCI practice. Proceedings of the ACM on human-computer interaction 3,
CSCW (2019), 1-23.

Caven S Mcloughlin. 2002. Barriers to hiring students with disabilities in the
workforce. International Education Journal 3, 1 (2002), 13-23.

Brian T McMahon, Richard Roessler, Philip D Rumrill Jr, Jessica E Hurley,
Steven L West, Fong Chan, and Linnea Carlson. 2008. Hiring discrimination
against people with disabilities under the ADA: Characteristics of charging
parties. Journal of occupational rehabilitation 18, 2 (2008), 122-132.

Arturia Melson-Silimon, Alexandra M Harris, Elizabeth L Shoenfelt, Joshua D
Miller, and Nathan T Carter. 2019. Personality testing and the Americans with
Disabilities Act: Cause for concern as normal and abnormal personality models
are integrated. Industrial and Organizational Psychology 12, 2 (2019), 119-132.
David Mitchell and Sharon Snyder. 2010. Disability as multitude: Re-working
non-productive labor power. Journal of Literary & Cultural Disability Studies 4,
2 (2010), 179-194

Margaret Mitchell, Simone Wu, Andrew Zaldivar, Parker Barnes, Lucy Vasser-
man, Ben Hutchinson, Elena Spitzer, Inioluwa Deborah Raji, and Timnit Gebru.
2019. Model cards for model reporting. In Proceedings of the conference on
fairness, accountability, and transparency. 220-229.

Torin Monahan. 2010. Surveillance as governance: social inequality and the
pursuit of democratic surveillance. In Surveillance and democracy. Routledge-
Cavendish, 107-126.

Katherine L Moore. 2019. Disabled autonomy. J. Health Care L. & Pol’y 22 (2019),
245.

Michael G Morris and Andrew Dillon. 2002. How user perceptions influence
software use. IEEE software 14, 4 (2002), 58-65.

Meredith Ringel Morris. 2020. Al and accessibility. Commun. ACM 63, 6 (2020),
35-37.

Dena F Mujtaba and Nihar R Mahapatra. 2019. Ethical considerations in Al-
based recruitment. In 2019 IEEE international symposium on technology and
society (ISTAS). IEEE, 1-7.

Michael Muller. 2014. Curiosity, creativity, and surprise as analytic tools:
Grounded theory method. In Ways of Knowing in HCL Springer, 25-48.
Dennis K Mumby. 2005. Theorizing resistance in organization studies: A dialec-
tical approach. Management communication quarterly 19, 1 (2005), 19-44.
Mabhin Naderifar, Hamideh Goli, Fereshteh Ghaljaie, et al. 2017. Snowball
sampling: A purposeful method of sampling in qualitative research. Strides in
development of medical education 14, 3 (2017), 1-6.

Rosanna Nagtegaal, Noortje De Boer, Rik Van Berkel, Belle Derks, and Lars
Tummers. 2023. Why do employers (fail to) hire people with disabilities? A
systematic review of capabilities, opportunities and motivations. Journal of
occupational rehabilitation 33, 2 (2023), 329-340.

Iftekhar Naim, M Iftekhar Tanveer, Daniel Gildea, and Mohammed Ehsan Hoque.
2015. Automated prediction and analysis of job interview performance: The role
of what you say and how you say it. In 2015 11th IEEE international conference
and workshops on automatic face and gesture recognition (FG), Vol. 1. IEEE, 1-6.
Iftekhar Naim, Md Iftekhar Tanveer, Daniel Gildea, and Mohammed Ehsan
Hoque. 2016. Automated analysis and prediction of job interview performance.
IEEE Transactions on Affective Computing 9, 2 (2016), 191-204.

Prianka Nair. 2024. Surveilling Disability, Harming Integration. Columbia Law
Review 124, 1 (2024), 197-271.

Karen Nakamura. 2019. My algorithms have determined you’re not human:
AI-ML, reverse turing-tests, and the disability experience. In Proceedings of the
21st International ACM SIGACCESS Conference on Computers and Accessibility.
1-2.

[108

[109

[110

[111

[112

[113

[114

[115]

[116

[117

[118

[119

[120]

[129

[130

CHI *26, April 13-17, 2026, Barcelona, Spain

Cynthia R Nordstrom, Bill ] Huffaker, and Karen B Williams. 1998. When
physical disabilities are not liabilities: The role of applicant and interviewer
characteristics on employment interview outcomes. Journal of Applied Social
Psychology 28, 4 (1998), 283-306.

Donald A Norman and Stephen W Draper. 1986. User centered system design;
new perspectives on human-computer interaction. L. Erlbaum Associates Inc.
NYC. 2025. NYC. https://www.nyc.gov/site/dca/about/automated-employment-
decision-tools.page

Bureau of Labor Statistics. 2023. Employment—population ratio for
people with a disability increases to series high in 2023. https:
//www.bls.gov/opub/ted/2024/employment-population-ratio-for-people-
with-a- disability-increases-to- series- high-in-2023.htm#:~:text=In%202023%
2C%20the%20labor%20force, first%20reported%20in%20June%202008

Sohyeon Park, Aehong Min, Jesus Armando Beltran, and Gillian R Hayes. 2025.
" As an Autistic Person Myself:" The Bias Paradox Around Autism in LLMs. In
Proceedings of the 2025 CHI Conference on Human Factors in Computing Systems.
1-17.

Minoli Perera, Swamy Ananthanarayan, Cagatay Goncu, and Kim Marriott.
2025. Exploring How Generative Al can Enhance Blind Users’ Experience with
Productivity Applications. In Proceedings of the 2025 CHI Conference on Human
Factors in Computing Systems.

Mahika Phutane and Aditya Vashistha. 2025. Disability Across Cultures: A
Human-Centered Audit of Ableism in Western and Indic LLMs. arXiv preprint
arXiv:2507.16130 (2025).

Gary W Pritchard, Pam Briggs, John Vines, and Patrick Olivier. 2015. How
to drive a London bus: measuring performance in a mobile and remote work-
place. In Proceedings of the 33rd Annual ACM Conference on Human Factors in
Computing Systems. 1885-1894.

Farhat Tasnim Progga and Sabirat Rubya. 2025. Women’s Perspectives and
Challenges in Adopting Perinatal Mental Health Technologies. Proceedings of
the ACM on Human-Computer Interaction 9, 1 (2025), 1-30.

Cassidy Pyle, Kat Roemmich, and Nazanin Andalibi. 2024. US job-seekers’
organizational justice perceptions of emotion Al-enabled interviews. Proceedings
of the ACM on human-computer interaction 8, CSCW2 (2024), 1-42.

Xiang Qi and Junnan Yu. 2025. Participatory Design in Human-Computer
Interaction: Cases, Characteristics, and Lessons. In Proceedings of the 2025 CHI
Conference on Human Factors in Computing Systems. 1-26.

Inioluwa Deborah Raji, Andrew Smart, Rebecca N White, Margaret Mitchell,
Timnit Gebru, Ben Hutchinson, Jamila Smith-Loud, Daniel Theron, and Parker
Barnes. 2020. Closing the Al accountability gap: Defining an end-to-end frame-
work for internal algorithmic auditing. In Proceedings of the 2020 conference on
fairness, accountability, and transparency. 33-44.

Divya Ramesh, Caitlin Henning, Nel Escher, Haiyi Zhu, Min Kyung Lee, and
Nikola Banovic. 2023. Ludification as a lens for algorithmic management: A case
study of gig-workers’ experiences of ambiguity in instacart work. In Proceedings
of the 2023 ACM Designing Interactive Systems Conference. 638—651.

Divya Ramesh, Vaishnav Kameswaran, Ding Wang, and Nithya Sambasivan.
2022. How platform-user power relations shape algorithmic accountability: A
case study of instant loan platforms and financially stressed users in India. In Pro-
ceedings of the 2022 ACM conference on fairness, accountability, and transparency.
1917-1928.

Ruth Ravichandran, Sang-Wha Sien, Shwetak N Patel, Julie A Kientz, and LauraR
Pina. 2017. Making sense of sleep sensors: How sleep sensing technologies
support and undermine sleep health. In Proceedings of the 2017 CHI conference
on human factors in computing systems. 6864-6875.

Robles. 2025. Robles. https://adasoutheast.org/legal/court/robles-v-dominos-
pizza-llc/

Kat Roemmich, Florian Schaub, and Nazanin Andalibi. 2023. Emotion Al at
work: Implications for workplace surveillance, emotional labor, and emotional
privacy. In Proceedings of the 2023 CHI conference on human factors in computing
systems. 1-20.

Johnny Saldafia. 2021. The coding manual for qualitative researchers. (2021).
Niloufar Salehi, Lilly C Irani, Michael S Bernstein, Ali Alkhatib, Eva Ogbe,
Kristy Milland, and Clickhappier. 2015. We are dynamo: Overcoming stalling
and friction in collective action for crowd workers. In Proceedings of the 33rd
annual ACM conference on human factors in computing systems. 1621-1630.
Natasha Saltes. 2013. ‘Abnormal’bodies on the borders of inclusion: Biopolitics
and the paradox of disability surveillance. Surveillance & Society 11, 1/2 (2013),
55-73.

Pedro Sanches, Vasiliki Tsaknaki, Asreen Rostami, and Barry Brown. 2020.
Under surveillance: Technology practices of those monitored by the state. In
Proceedings of the 2020 CHI Conference on Human Factors in Computing Systems.
1-13.

Shruti Sannon and Dan Cosley. 2022. Toward a more inclusive gig economy:
Risks and opportunities for workers with disabilities. Proceedings of the ACM
on Human-Computer Interaction 6, CSCW2 (2022), 1-31.

Benjamin Saunders, Julius Sim, Tom Kingstone, Shula Baker, Jackie Waterfield,
Bernadette Bartlam, Heather Burroughs, and Clare Jinks. 2018. Saturation in


https://www.nyc.gov/site/dca/about/automated-employment-decision-tools.page
https://www.nyc.gov/site/dca/about/automated-employment-decision-tools.page
https://www.bls.gov/opub/ted/2024/employment-population-ratio-for-people-with-a-disability-increases-to-series-high-in-2023.htm#:~:text=In%202023%2C%20the%20labor%20force,first%20reported%20in%20June%202008
https://www.bls.gov/opub/ted/2024/employment-population-ratio-for-people-with-a-disability-increases-to-series-high-in-2023.htm#:~:text=In%202023%2C%20the%20labor%20force,first%20reported%20in%20June%202008
https://www.bls.gov/opub/ted/2024/employment-population-ratio-for-people-with-a-disability-increases-to-series-high-in-2023.htm#:~:text=In%202023%2C%20the%20labor%20force,first%20reported%20in%20June%202008
https://www.bls.gov/opub/ted/2024/employment-population-ratio-for-people-with-a-disability-increases-to-series-high-in-2023.htm#:~:text=In%202023%2C%20the%20labor%20force,first%20reported%20in%20June%202008
https://adasoutheast.org/legal/court/robles-v-dominos-pizza-llc/
https://adasoutheast.org/legal/court/robles-v-dominos-pizza-llc/

CHI *26, April 13-17, 2026, Barcelona, Spain

[131

[132

==
» @
B

[135

[136

[137

[138

[139

[140

[141

[142

[143

[144

[145

[146

[147

[148]

[149

[150

[151

[152]

[153

[154

qualitative research: exploring its conceptualization and operationalization.
Quality & quantity 52, 4 (2018), 1893-1907.

Graham Sewell and James R Barker. 2006. Coercion versus care: Using irony to
make sense of organizational surveillance. Academy of Management review 31,
4(2006), 934-961.

Irina Shklovski and Nalini Kotamraju. 2011. Online contribution practices in
countries that engage in internet blocking and censorship. In Proceedings of the
SIGCHI Conference on Human Factors in Computing Systems. 1109-1118.

Mona Sloane. 2025. TARAL https://www.tarai.org/

Mona Sloane, Emanuel Moss, Olaitan Awomolo, and Laura Forlano. 2022. Par-
ticipation is not a design fix for machine learning. In Proceedings of the 2nd ACM
Conference on Equity and Access in Algorithms, Mechanisms, and Optimization.
1-6.

Mona Sloane, Emanuel Moss, and Rumman Chowdhury. 2022. A Silicon Valley
love triangle: Hiring algorithms, pseudo-science, and the quest for auditability.
Patterns 3, 2 (2022).

Rachel Williamson Smith, Anna L Hulett, and Jessica L Maples-Keller. 2019. Per-
sonality testing and the Americans With Disabilities Act: An applicant/employee
perspective. Industrial and Organizational Psychology 12, 2 (2019), 167-171.
Luke Stark. 2019. Facial recognition is the plutonium of AL. XRDS: Crossroads,
The ACM Magazine for Students 25, 3 (2019), 50-55.

Luke Stark and Karen Levy. 2018. The surveillant consumer. Media, Culture &
Society 40, 8 (2018), 1202-1220.

Cella M Sum, Caroline Shi, and Sarah E Fox. 2025. ’It’s Always a Losing Game’:
How Workers Understand and Resist Surveillance Technologies on the Job.
Proceedings of the ACM on Human-Computer Interaction 9, 2 (2025), 1-32.
Cella M Sum, Franchesca Spektor, Rahaf Alharbi, Leya Breanna Baltaxe-Admony,
Erika Devine, Hazel Anneke Dixon, Jared Duval, Tessa Eagle, Frank Elavsky,
Kim Fernandes, et al. 2024. Challenging ableism: A critical turn toward disability
justice in hci. XRDS: Crossroads, The ACM Magazine for Students 30, 4 (2024),
50-55.

Target. 2025. Target. https://dralegal.org/case/national-federation-of-the-blind-
nfb-et-al-v-target-corporation/

Gareth Terry, Nikki Hayfield, Victoria Clarke, Virginia Braun, et al. 2017. The-
matic analysis. The SAGE handbook of qualitative research in psychology 2, 17-37
(2017), 25.

Shari Trewin, Sara Basson, Michael Muller, Stacy Branham, Jutta Treviranus,
Daniel Gruen, Daniel Hebert, Natalia Lyckowski, and Erich Manser. 2019. Con-
siderations for Al fairness for people with disabilities. Ai Matters 5, 3 (2019),
40-63.

Stephanie Valencia, Richard Cave, Krystal Kallarackal, Katie Seaver, Michael
Terry, and Shaun K Kane. 2023. “The less I type, the better”: How Al language
models can enhance or impede communication for AAC users. In Proceedings of
the 2023 CHI Conference on Human Factors in Computing Systems. 1-14.
Viswanath Venkatesh and Hillol Bala. 2008. Technology acceptance model 3
and a research agenda on interventions. Decision sciences 39, 2 (2008), 273-315.
Pranav Narayanan Venkit, Mukund Srinath, and Shomir Wilson. 2022. A study
of implicit bias in pretrained language models against people with disabilities.
In Proceedings of the 29th international conference on computational linguistics.
1324-1332.

Beatrice Vincenzi, Simone Stumpf, Alex S Taylor, and Yuri Nakao. 2024. Lay
user involvement in developing human-centric responsible Al systems: When
and how? ACM Journal on Responsible Computing 1, 2 (2024), 1-25.

Greg R Weisenstein and Helen Lee Koshman. 1991. The influence of being
labeled handicapped on employer perceptions of the importance of worker
traits for successful employment. Career Development for Exceptional Individuals
14, 1 (1991), 67-76.

Cedric Deslandes Whitney, Teresa Naval, Elizabeth Quepons, Simrandeep Singh,
Steven R Rick, and Lilly Irani. 2021. HCI tactics for politics from below: Meeting
the challenges of smart cities. In Proceedings of the 2021 CHI conference on human
factors in computing systems. 1-15.

Meredith Whittaker, Meryl Alper, Cynthia L Bennett, Sara Hendren, Liz Kazi-
unas, Mara Mills, Meredith Ringel Morris, Joy Rankin, Emily Rogers, Marcel
Salas, et al. 2019. Disability, bias, and Al. AI Now Institute 8, 11 (2019).

Alex C Williams, Harmanpreet Kaur, Gloria Mark, Anne Loomis Thompson,
Shamsi T Igbal, and Jaime Teevan. 2018. Supporting workplace detachment and
reattachment with conversational intelligence. In Proceedings of the 2018 CHI
Conference on Human Factors in Computing Systems. 1-13.

Majid Yar. 2003. Panoptic Power and the Pathologisation of Vision: Critical
Reflections on the Foucauldian Thesis. Surveillance & Society 1, 3 (2003), 254—
271.

Angie Zhang, Alexander Boltz, Chun Wei Wang, and Min Kyung Lee. 2022.
Algorithmic management reimagined for workers and by workers: Centering
worker well-being in gig work. In Proceedings of the 2022 CHI conference on
human factors in computing systems. 1-20.

He Zhang, Nicholas ] Falletta, Jingyi Xie, Rui Yu, Sooyeon Lee, Syed Masum
Billah, and John M Carroll. 2025. Enhancing the travel experience for people
with visual impairments through multimodal interaction: NaviGPT, a real-time

Kameswaran et al.

Al-driven mobile navigation system. In Companion Proceedings of the 2025 ACM
International Conference on Supporting Group Work. 29-35.

[155] Elia Zureik. 2005. Theorizing surveillance: The case of the workplace. In

Surveillance as social sorting. Routledge, 45-70.


https://www.tarai.org/
https://dralegal.org/case/national-federation-of-the-blind-nfb-et-al-v-target-corporation/
https://dralegal.org/case/national-federation-of-the-blind-nfb-et-al-v-target-corporation/

	Abstract
	1 Introduction
	2 Related Work
	2.1 Disability, Fairness and AI
	2.2 Surveillance in HCI Research

	3 Methods
	3.1 Participant Recruitment
	3.2 Data Collection
	3.3 Data Analysis
	3.4 Participant Demographics

	4 Context: AI Hiring Interviews
	5 Findings
	5.1 AI Centers Normative Characteristics
	5.2 AI Exacerbates Information Asymmetries
	5.3 AI Undermines Autonomy
	5.4 AI Intrudes on Privacy

	6 Discussion
	6.1 AI Hiring Technologies as Surveillance Infrastructures
	6.2 Design and Policy Implications

	7 Limitations
	8 Conclusion
	Acknowledgments
	References

